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Abstract 

Background: Age has been implicated as the main risk factor for COVID-19-related mortality. Our objective was to 
utilize administrative data to build an explanatory model accounting for geriatrics-focused indicators to predict mor-
tality in hospitalized older adults with COVID-19.

Methods: Retrospective cohort study of adults age 65 and older (N = 4783) hospitalized with COVID-19 in the 
greater New York metropolitan area between 3/1/20-4/20/20. Data included patient demographics and clinical pres-
entation. Stepwise logistic regression with Akaike Information Criterion minimization was used.

Results: The average age was 77.4 (SD = 8.4), 55.9% were male, 20.3% were African American, and 15.0% were 
Hispanic. In multivariable analysis, male sex (adjusted odds ration (adjOR) = 1.06, 95% CI:1.03-1.09); Asian race 
(adjOR = 1.08, CI:1.03-1.13); history of chronic kidney disease (adjOR = 1.05, CI:1.01-1.09) and interstitial lung dis-
ease (adjOR = 1.35, CI:1.28-1.42); low or normal body mass index (adjOR:1.03, CI:1.00-1.07); higher comorbidity 
index (adjOR = 1.01, CI:1.01-1.02); admission from a facility (adjOR = 1.14, CI:1.09-1.20); and mechanical ventilation 
(adjOR = 1.52, CI:1.43-1.62) were associated with mortality. While age was not an independent predictor of mortal-
ity, increasing age (centered at 65) interacted with hypertension (adjOR = 1.02, CI:0.98-1.07, reducing by a factor of 
0.96 every 10 years); early Do-Not-Resuscitate (DNR, life-sustaining treatment preferences) (adjOR = 1.38, CI:1.22-1.57, 
reducing by a factor of 0.92 every 10 years); and severe illness on admission (at 65, adjOR = 1.47, CI:1.40-1.54, reducing 
by a factor of 0.96 every 10 years).

Conclusion: Our findings highlight that residence prior to admission, early DNR, and acute illness severity are impor-
tant predictors of mortality in hospitalized older adults with COVID-19. Readily available administrative geriatrics-
focused indicators that go beyond age can be utilized when considering prognosis.
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Background
SARS-CoV-2 infection, or Coronavirus disease 2019 
(COVID-19), has impacted adults indiscriminately 
across the age span, yet, it has taken the greatest toll on 
older adults [1–5]. Of the more than 115,000,000 cases 
globally, 31% have been over 65 years old; accounting 
for 45% of hospitalizations, 53% of ICU admissions, 
and 80% of deaths [1, 2]. Age has consistently been 
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implicated as one of the main risk factors for poor out-
comes in COVID-19, including severe disease, hospital-
ization, and mortality [3–6]. While studies evaluating 
COVID-19 related mortality account for demographic 
and clinical characteristics, few have considered indica-
tors that are highly relevant to the older adult popula-
tion, namely functional and cognitive status as well as 
baseline advance directives regarding life-sustaining 
treatment preferences.

Although age in general contributes to models pre-
dicting mortality, there is robust literature demon-
strating that function and frailty are strong predictors 
of poor outcomes among older adults [7–9]. This has 
also been shown in recent studies evaluating frailty 
in patients with COVID-19 [10, 11]. Unfortunately, 
functional status and frailty are infrequently incorpo-
rated into models due to insufficient assessment and 
documentation by medical professionals [12]. Another 
critical, yet frequently unaddressed and undocumented 
factor in older adults is advance directives, including 
goals of care and life-sustaining treatment preferences 
[13]. Early Do-Not-Resuscitate (DNR), documented 
within 24 h of admission, has been associated with 
baseline care preferences and prognosis that may not 
be related to the patient’s acute illness, and has been 
shown to be an independent risk factor for mortal-
ity [14–16]. Therefore, an early DNR can be used as a 
proxy for mortality risk. However, COVID-19 studies 
evaluating mortality have generally either excluded or 
failed to account for patients with DNR documentation 
on admission [3–5].

As COVID-19 continues to impact older adults glob-
ally, concerns about present and future shortages in 
hospital and critical care beds, staffing, and treatments 
(e.g. ventilators and vaccines), have focused attention on 
resource allocation. Decisions about resource allocation 
during COVID-19 first started in Northern Italy, where 
the number of sick patients grossly outnumbered avail-
able health care resources [17]. Since then, many coun-
tries and states have prepared or activated pre-existing 
crisis standards of care. Some of these strategies high-
light older age as the main criteria, placing older adults 
at a disadvantage regardless of their baseline character-
istics [18–25]. In a position statement regarding resource 
allocation during COVID-19, the American Geriatrics 
Society (AGS) indicated that age should never be used as 
the main indicator to exclude older adults from receiving 
care [26].

The objective of this study was to utilize readily avail-
able administrative data that incorporates geriatrics-
focused indicators to build an exploratory model to 
predict mortality in hospitalized older adults during the 
initial peak of the COVID-19 pandemic.

Methods
The study was conducted at a large academic health 
system serving approximately 11 million people in the 
greater New York metropolitan area. The COVID-19 
Research Consortium and institutional review board 
approved the study. Data was abstracted from inpatient 
electronic medical records with the following inclu-
sion criteria: age greater than or equal to 65; admitted 
to one of eleven health system hospitals between March 
1st, 2020 and April 20th, 2020; and confirmed diagnosis 
of COVID-19 infection by positive result on polymer-
ase chain reaction of a nasopharyngeal sample. Clinical 
course and outcomes were monitored until June 10th, 
2020. Transfers from one in-system hospital to another 
were merged and considered as a single visit. For patients 
with multiple admissions during the study period, only 
the first admission was included. Data were collected 
from enterprise electronic health record (EHR) (Sunrise 
Clinical Manager; Allscripts). De-identified data can be 
provided upon request.

Data elements
All data elements underwent a vigorous process (Sinvani, 
Qiu, Yan, Marziliano, Makhnevich) of data harmoniza-
tion–ensuring that the data fields represent clinically rel-
evant information. An iterative process was undertaken 
that consisted of a recurring loop of query, refinement, 
data validation by manually reviewing randomly selected 
charts, and inter-rater agreement, followed by further 
query refinement, until variable accuracy was achieved. 
In addition, the team hand-searched a random selec-
tion of charts to ensure data quality and integrity. Clini-
cal members of the research team led quality control and 
data validation of clinical variables including comorbidity 
index, baseline functional status, preferences for life-sus-
taining treatments and discharge disposition, Modified 
Early Warning System (MEWS), and oxygen requirement 
(including mechanical ventilation).

Patient demographics included age, sex, race, ethnicity, 
insurance, and body mass index (BMI); all elements were 
captured from pre-specified categories in the EHR. BMI 
was categorized as underweight (< 18.5), normal (18.5 to 
24.9), overweight (25 to 29.9), and obese (≥ 30). Comor-
bid conditions were collected using ICD-9/10 codes 
based on past medical history documented prior to or at 
index admission, including: diabetes mellitus, hyperten-
sion, chronic obstructive pulmonary disease, interstitial 
lung disease, asthma, cancer, coronary artery disease, 
atrial fibrillation, chronic kidney disease, and dementia. 
Comorbidity index was calculated based on the Charlson 
Comorbidity Index (CCI), excluding the age component 
[27]. Residing in a facility prior to admission was used as 
a surrogate indicator for functional status or the need for 
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assistance in activities of daily living. Baseline functional 
status was coded as “residence prior to admission” home 
versus any facility (skilled nursing facility, SNF, assisted 
living, and group home). Further details on type of facil-
ity and level of assistance provided (e.g. long-term care 
vs. sub-acute rehabilitation) is not consistently docu-
mented in most EMR and was not available.

Patient preferences for life-sustaining treatments on 
admission were based on the presence of an “early” 
(within 24 h of admission) do-not-resucssitate (DNR) 
order. Early DNR has been described in the literature as 
a surrogate for worse baseline prognosis as well as prefer-
ences for life-sustaining treatment and has been shown 
to be an independent predictor of mortality [14–16].

Illness acuity on presentation consisted of the first 
documented MEWS, first documented method of oxy-
gen delivery (no oxygen, nasal cannula, venturi mask, 
nonrebreather mask, high flow, noninvasive ventilation, 
and mechanical ventilation), and temperature on arrival 
(no fever vs. fever). MEWS is pre-calculated in the EHR 
and includes respiratory rate (breaths/min), oxygen satu-
ration, temperature, systolic blood pressure (SBP), heart 
rate (HR), and level of consciousness [28]. MEWS was 
categorized as non-critically ill (0-4) and critically-ill 
(> 4) [29–31]. Certain methods of oxygen delivery (ven-
turi masks, high flow oxygen, noninvasive mechanical 
ventilation) were discouraged within the health system 
to minimize risk of aerosolized spread and so were rarely 
used. They were categorized as follows: venturi mask 
(n = 30, 0.6%) was grouped with nasal cannula, and high 
flow oxygen (n = 16, 0.3%) and non-invasive ventilation 
(n = 26, 0.5%) with nonrebreather masks. Fever on arrival 
was defined as temperature of > 37.8 degrees Celsius.

Data elements for hospital outcomes included: 1) 
length of stay (LOS); 2) discharge disposition (home-
home, home hospice, against medical advice vs. facility-
skilled nursing facility/assisted living, psychiatric facility, 
hospice facility); and 3) 30-day hospital readmission.

The primary outcome of interest was hospital mortal-
ity. There were no missing values for the majority of the 
variables including the outcome variable. The only vari-
ables with a significant number of missing values used 
in the analysis were BMI (30% missing) and MEWS (9% 
missing).

Analysis
Means and standard deviation (SD) were used to sum-
marize distributions of continuous variables and fre-
quencies and percentages were used for categorical 
variables. Patients who were still hospitalized at time 
of data truncation (4/20/20) or transferred to a facility 
in which data for their complete hospital course could 
not be obtained, and those with a missing comorbidity 

index or residence prior to admission were excluded 
from the unadjusted and adusted analyses (Fig. 1).

The objective was to build an explanatory model with 
good predictive properties that helps to explain the 
impact of predictors of mortality. Initial analysis was 
conducted with a series of simple logistic regression 
analyses to evaluate patient factors related to hospital 
mortality. These factors included: age, sex, race, ethnic-
ity, insurance, individual comorbidities, BMI, comor-
bidity index (total comorbidity index excluding age 
contribution), residence prior to admission – home vs. 
facility (as a surrogate for baseline functional status), 
DNR order within 24 h of admission (as a surrogate for 
preferences for declining life-sustaining treatment), 
and severity of acute illness (first documented MEWS 
and oxygen delivery method).

Stepwise logistic regression with Akaiike Informa-
tion Criterion (AIC) minimizationwas used to choose 
the parcimonious model. Stepwise variable selection 
was then applied to the entire data set of N = 4783 
(only two variables BMI and MEWS had missing data: 
1438 missing BMI; 473 missing MEWS). Two multiple 
imputation models minimizing AIC were found: (1) a 
multinomial regression model for missing BMI (4 BMI 
categories: underweight, normal, overweight, obese) 
and (2) a logistic regression model for missing MEWS 
(2 categories: non-critically ill and critically ill). Using 
multiple imputations, 50 imputed data sets were cre-
ated. Then, Rubin’s approach was used to combine 
results from the 50 logistic regression analyses [32]. 
Modelling was expanded to test interactions with two 
linear predictors (age and comorbidity index). Multi-
collinearity was evaluated using variance inflation fac-
tor (VIF). Analyses were performed using SPSS v26, 
IBM Corp, Armonk, NY, and SAS 9.4, SAS Institute 
Inc., Cary, NC.; R 4.0.3 (www.p- proje ct. com) was used 
to apply machine learning methods.

Results
Patient characteristics
A total of 4783 patients 65 years and older were included, 
with mean age of 77.4 years (SD = 8.4), 55.9% male; 47.4% 
were white, 20.3% African American, and 15.0% His-
panic. The most common comorbidities were hyperten-
sion (61.1%), diabetes (36.6%), chronic kidney disease 
(16.5%), atrial fibrillation (14.9%), and dementia (13.2%). 
Average comorbidity index (CCI without the age com-
ponent) was 3.4 (± 2.9). In addition, 21.2% came to the 
hospital from a facility, and 5.8% had a DNR order within 
24 h of admission. On arrival, the average MEWS was 
3.7 (SD = 2.0) and 79.5% required oxygen therapy. See 
Table 1 for full details of patient characteristics.

http://www.p-project.com
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Hospital outcomes
The median length of stay was 7 days (mean 9.9, 
SD = 9.5), 36.3% expired, 42.1.6% were discharged home, 
and 21.6% were discharged to a facility. See Table  1 for 
details on hospital presentation and outcomes.

Univariate analysis (N = 4783)
Each of the following patient characteristics were related 
to mortality in the univariate analysis (Table  2): older 
age (65+, OR = 1.04 95% CI:1.03-1.05, odds of death 
expected to increase 4% with one- year increase in age) 
and male sex (OR = 1.31, 95% CI:1.17-1.48, relative to 
female sex) were significantly associated with outcome 
of death, as was admission from a facility (OR = 1.94, 
95% CI:1.68-2.23, relative to living at home). In terms of 
medical variables, higher comorbidity index (OR = 1.08, 
95% CI:1.06-1.11, odds of death expected to increase 8% 

with one-point increase in the score), chronic kidney 
disease (OR = 1.56, 95% CI:1.34-1.82), atrial fibrillation 
(OR = 1.53, 95% CI:1.31-1.80), dementia (OR = 1.60, 95% 
CI:1.35-1.89, relative to no dementia), coronary artery 
disease (1.63, 95% CI:1.27-2.10), cancer (OR = 1.26, 95% 
CI:1.03-1.54), chronic obstructive pulmonary disease 
(OR = 1.37, 95% CI:1.12-1.68), and interstitial lung dis-
ease (OR = 3.97, 95% CI:3.12-5.06) were all significantly 
associated with mortality. Markers of severity of acute 
illness – MEWS (OR = 6.79, 95% CI:5.90-7.80, severely-
ill relative to not severely-ill), first documented oxygen 
delivery (OR = 2.58, 95% CI: 2.16-3.08, nasal cannula 
relative to room air; OR = 5.75, 95% CI: 4.49-7.36, nonre-
breather relative to room air; OR = 14.67, 95% CI: 10.30-
20.88, mechanical ventilation relative to room air), and 
life-sustaining preferences (OR = 3.50 95% CI: 2.71-4.50, 
having an early DNR relative to late or no DNR) were 

Fig. 1 Flow Diagram of Patient Population (See Figure File)



Page 5 of 11Sinvani et al. BMC Geriatr          (2021) 21:554  

all significantly related to mortality. In contrast to previ-
ously published series, race, ethnicity, insurance status, 
diabetes mellitus, and BMI were not significantly related 
to mortality [3, 4]. Additional univariable analyses of age 
and the other patient characteristics can be found in Sup-
plemental Table 1.

Multivariable analyses (N = 4783)
In the multivariable analysis (Table  3), we found 
that main effects of male sex (adjusted odds ration, 
adjOR:1.06, 95% CI:1.03-1.09, p < 0.001), Asian race 
(adjOR = 1.08, 95% CI:1.03-1.13, p < 0.001); low/nor-
mal BMI (adjOR:1.03, 95% CI:1.00-1.07, p = 0.03, rela-
tive to overweight/obese); higher comorbidity index 
(adjOR = 1.01, 95% CI:1.01-1.02, p < 0.001); admis-
sion from a facility (adjOR = 1.14, 95% CI:1.09-1.20, 
p < 0.001, relative to admission from home); past medi-
cal history of chronic kidney disease (adjOR = 1.05, 
95% CI:1.01-1.09, p = 0.01), and interstitial lung dis-
ease (adjOR = 1.35, 95% CI:1.28-1.42, p < 0.001); early 
Do-Not-Resuscitate (DNR, declining life-sustaining 
treatment preferences, adjOR = 1.38, 95% CI:1.22-
1.57, p < 0.001, relative to late or no DNR); higher ill-
ness severity including higher MEWS (adjOR = 1.47, 
95% CI:1.40-1.54, p < 0.001, relative to not severely-
ill; and higher oxygen requirements (adjOR = 1.17, 
95% CI:1.14-1.21, p < 0.001, nasal cannula relative to 
room air; adjOR = 1.34, 95% CI:1.28-1.40, p < 0.001, 
nonrebreather relative to room air adjOR = 1.52, 95% 
CI:1.43-1.62, p < 0.001, mechanical ventilation rela-
tive to room air), were associated with mortality. After 
variable selection driven by AIC minimization, main 
effects of age, dementia, and some individual comor-
bid conditions (e.g., diabetes) were found not to be 
independently associated with mortality after control-
ling for the other variables, and therefore not included 
in the final model. While the main effect of age was 
not an independent predictor of mortality, it had a 

Table 1 Patient Characteristics and Hospital Outcomes 
(N = 4783)

Patient Characteristics and Hospital 
Outcomes

M (SD) or n (%)

Age 77.4 (8.4) (range 65-107)

Sex
 Male 2673 (55.9)

 Female 2110 (44.1)

Race
 Black 971 (20.3)

 Asian 388 (8.1)

 White 2267 (47.4)

 Other 971 (20.3)

 Not available 186 (3.9)

Ethnicity
 Hispanic/Latino 716 (15.0)

 Not Hispanic/Not Latino 4067 (85.0)

Insurance
 Medicaid/Uninsured 308 (6.4)

 Medicare/Private Insurance 4475 (93.6)

Comorbidities
 Diabetes Mellitus 1749 (36.6)

 Hypertension 2924 (61.1)

 Chronic Obstructive Pulmonary Disease 415 (8.7)

 Interstitial Lung Disease 265 (5.5)

 Asthma 239 (5.0)

 Cancer 419 (8.8)

 Coronary Artery Disease 261 (5.5)

 Atrial Fibrillation 713 (14.9)

 Chronic Kidney Disease 787 (16.5)

 Dementia 629 (13.2)

Body Mass Index
 Underweight (below 18.5) 104 (2.2)

 Normal (18.5 to 24.9) 1016 (21.1)

 Overweight (25 to 29.9) 1242 (26.0)

 Obese (30 or above) 983 (20.6)

 Missing 1438 (30.1)

Comorbidity Index*a 3.4 (SD 2.9) (range 0-20)

Residence Prior to Admission
 Home 3769 (78.8)

 Facility 1014 (21.2)

Advance Directives
 Early  DNRb (within 24 h of admission) 279 (5.8)

Severity of Acute Illness
 Modified Early Warning Score (MEWS) 3.7 (2.0)

 Oxygen Therapy on Arrival

  None 980 (20.5)

  Nasal Cannula 3133 (65.5)

  Nonrebreather 453 (9.5)

  Mechanical Ventilation 217 (4.5)

Hospital Outcomes
 Length of Stay (days) 9.9 (9.5)

*a = excluding age component
b  DNR Do Not Resuscitate

Table 1 (continued)

Patient Characteristics and Hospital 
Outcomes

M (SD) or n (%)

 Median (days) 7

 Hospital Mortality 1738 (36.3)

 Discharge Disposition

  Home 2011 (42.1)

  Facility 1034 (21.6)

  Expired 1738 (36.3)

 30-Day readmission 325 (6.8)



Page 6 of 11Sinvani et al. BMC Geriatr          (2021) 21:554 

Table 2 Single Predictor Logistic Regressions of Patient Characteristics to Predict Hospital Mortality (N = 4783)(Expired versus 
Discharged Alive)

Patient Characteristics Expired
M (SD) or n (%)

Discharged Alive
M (SD) or n (%)

OR (95% CI) P-value

Age 79.20 (8.48) 76.31 (8.20) 1.04 (1.03, 1.05)a < 0.001*

Sex
 Male 1045 (39.09%) 1628 (60.91%) 1.31 (1.17, 1.48) < 0.001*

 Female 693 (32.84%) 1417 (67.16%) 1 (ref )

Race
 Black 304 (31.31%) 667 (68.69%) 0.73 (0.63, 0.86) < 0.001*

 Asian 164 (42.27%) 224 (57.73%) 1.18 (0.95, 1.47) 0.142

 White 869 (38.33%) 1398 (61.67%) 1 (ref ) –

 Other 336 (34.60%) 635 (65.40%) 0.85 (0.73, 0.99) 0.04*

 Not available 65 (34.95%) 121 (65.05%) 0.86 (0.63, 1.18) 0.361

Ethnicity
 Hispanic or Latino 242 (33.80%) 474 (66.20%) 0.87 (0.74, 1.03) 0.12

 Not Hispanic or Latino 1403 (36.87%) 2402 (63.13%) 1 (ref )

Insurance
 Medicaid or Uninsured 108 (35.06%) 200 (64.94%) 0.94 (0.74, 1.20) 0.63

 Medicare or Private 1630 (36.35%) 2854 (63.65%) 1 (ref )

Comorbidities
 Diabetes Mellitus

  Yes 662 (37.85%) 1087 (62.15%) 1.11 (0.98, 1.25) 0.10

  No 1076 (35.46%) 1958 (64.54%) 1 (ref )

 Hypertension

  Yes 1008 (58.00%) 730 (42.00%) 0.814 (0.72, 0.92) < 0.001*

  No 1916 (62.92%) 1129 (37.08%) 1 (ref )

 Chronic Obstructive Pulmonary Disease

  Yes 179 (43.13%) 236 (56.87%) 1.37 (1.12, 1.68) 0.003*

  No 1559 (35.69%) 2809 (64.31%) 1 (ref )

 Intertitial Lung Disease

  Yes 216 (67.29%) 105 (32.71%) 3.97 (3.12, 5.06) < 0.001*

  No 1522 (34.11%) 2940 (65.89%) 1 (ref )

 Asthma

  Yes 81 (33.89%) 158 (66.11%) 0.89 (0.68, 1.18) 0.420

  No 1657 (36.47%) 2887 (63.53%) 1 (ref )

 Cancer

  Yes 176 (41.31%) 250 (58.69%) 1.26 (1.03, 1.54) .03*

  No 1562 (35.85%) 2795 (64.15%) 1 (ref )

 Coronary Artery Disease

  Yes 124 (47.51%) 137 (52.49%) 1.63 (1.27, 2.10) < 0.001*

  No 1614 (35.69%) 2908 (64.31%) 1 (ref )

 Atrial Fibrillation

  Yes 321 (45.02%) 392 (54.98%) 1.53 (1.31, 1.80) < 0.001*

  No 1417 (34.82%) 2653 (65.18%) 1 (ref )

 Chronic Kidney Disease

  Yes 356 (45.24%) 431 (54.76%) 1.56 (1.34, 1.82) < 0.001*

  No 1382 (34.58%) 2614 (65.42%) 1 (ref )

 Dementia

  Yes 290 (46.10%) 339 (53.90%) 1.60 (1.35, 1.89) < 0.001*

   No 1448 (34.86%) 2706 (65.14%) 1 (ref )
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positive interaction (increased mortality with age) with 
MEWS (non-critically ill, adjOR = 1.04, 95% CI:1.01-
1.07, p = 0.012), and negative interaction (decreased 
mortality with age) with a history of hypertension 
(adjOR = 0.98, 95% CI:0.94-0.99, p = 0.015) and early 
DNR (adjOR = 0.93, 95% CI:0.87-0.98, p = 0.012). For 
example, the main effect of hypertension is described 
by adjOR = 1.02, however, there was a negative interac-
tion with age, described by adjOR = 0.97, such that for 
a 65-year-old, the adjOR of hypertension was 1.02, but 
for a 75-year-old, the adjOR = 0.99; and for an 85-year-
old, the adjOR = 0.96. In the above multiple logistic 
regression analysis, age was centered at 65 years and 
rescaled to a unit change of 10 years.

C-statistic for the final model was 80.6%, which indi-
cated this was a good model to predict mortality. VIFs for 
all the variables in the model were around 1, so that mul-
ticollinearity was not a cause of concern for this model. 
(Supplemental Table 2).

Sensitivity analyses
In logistic regression analysis, the direction and signifi-
cance of the association with mortality did not change 
when missing data on BMI and MEWS were treated as 
missing data categories.

Discussion
Our study found that in hospitalized older adults with 
COVID-19 infection, male sex, Asian race, admis-
sion from a facility, presence of an early DNR, higher 
multimorbidity and illness severity were predictive of 
increased mortality. Our study found that sex, multimor-
bidity, residence prior to admission, early DNR, and ill-
ness severity were predictive of hospital mortality. While 
age was not an independent predictor of mortality, we 
observed several interactions of age with factors predict-
ing mortality: increasing age was negatively associated 
with mortality in patients with hypertension and early 
DNR, and age was positively associated with mortality for 

a  Odds of death expected to increase 4% with one- year increase in age
b  CCI Charlson Comorbidity Index
c  DNR Do Not Resuscitate
d  MEWS Modified Early Warning Score
e  Nasal cannula includes ventimask
f  Nonrebreather includes high flow and non-invasive ventilation
*  p ≤ 0.05

Table 2 (continued)

Patient Characteristics Expired
M (SD) or n (%)

Discharged Alive
M (SD) or n (%)

OR (95% CI) P-value

BMI
 Underweight BMI below 18.5 46 (44.23%) 58 (55.77%) 1.44 (0.96, 2.16) 0.080

 Normal 18.5 to 24.9 361 (35.53%) 655 (64.47%) 1 (ref )

 Overweight, 25 to 29.9 421 (33.90%) 821 (66.10%) 0.93 (0.78, 1.11) 0.417

 Obese, 30 or above 323 (32.86%) 660 (67.14%) 0.89 (0.74, 1.07) 0.208

Comorbidity Index (CCI-age, continuous)b 3.85 (2.97) 3.18 (2.76) 1.08 (1.06, 1.11) < 0.001*

Residence Prior to Admission
 Facility 495 (48.82%) 519 (51.18%) 1.94 (1.68, 2.23) < 0.001*

 Home 1243 (32.98%) 2526 (67.02%) 1 (ref )

Advanced Directives
 Early  DNRc

  Yes 181 (64.87%) 98 (35.13%) 3.50 (2.71, 4.50) < 0.001*

  No 1557 (34.57%) 2947 (65.43%) 1 (ref )

Severity of Illness on Presentation
 MEWS d

  Severely-ill 993 (68.15%) 464 (31.85%) 6.79 (5.90, 7.80) < 0.001*

  Not severely-ill 684 (23.97%) 2169 (76.03%) 1 (ref )

First documented oxygen
 Nasal  cannulae 1140 (36.39%) 1993 (63.61%) 2.58 (2.16, 3.08) < 0.001*

  Nonrebreatherf 254 (56.07%) 199 (43.93%) 5.75 (4.49, 7.36) < 0.001*

 Mechanical ventilation 166 (76.50%) 51 (23.50%) 14.67 (10.30, 20.88) < 0.001*

 Room air 178 (18.16%) 802 (81.84%) 1 (ref ) –
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patients residing at home prior to admission and those 
that were not critically-ill. In other words, the impact of 
age on mortality is minimal in the setting of severely crit-
ical disease and other factors indicating highly impaired 
function. These findings highlight the importance of 
considering readily available geriatrics-focused indica-
tors, other than age, when considering prognostication 
and management, especially in the context of a pandemic 
when medical resources are in danger of being over-
whelmed. Therefore, finding predictors other than age 
would be beneficial in preventing ageism.

There is robust literature demonstrating that base-
line functional status is strongly associated with poor 
outcomes among older adults [7, 8]. However, baseline 
functional status is infrequently assessed at hospital 
admission. Medical professionals often rely on subjec-
tive impressions of function, which have been shown to 
be inaccurate [12]. Furthermore, even when assessed, 
functional status is rarely documented in a meaning-
ful or consistent fashion [12]. While there is increasing 
evidence demonstrating an association between frailty 
and poor outcomes in those with COVID-19 [10, 11, 33], 
these measures may not be readily available on hospital 

presentation nor captured in a systematic fashion in most 
EHRs (especially if no previous admissions exist) [34], as 
is the case in our health system. During the first surge of 
the COVID-19 crisis, health systems may utilize short-
ened, “emergency documentation” protocols, which do 
not include functional measures such as activities of daily 
living. Truncated protocols are often used in emergency 
situations when large volumes of patients are admitted 
within a short period of time. Administrative data based 
frailty scores may also be used, but have shown only fair 
to moderate agreement with clinical frailty scales [35].

Our study utilized the ‘residence prior to admission’ 
variable as a surrogate marker of the need for skilled 
care- baseline functional status (arriving from a facility 
prior to admission). Although we were unable to distin-
guish between those who were “life-stay” residents in 
long-term care versus limited-stay for sub-acute reha-
bilitation, all of these locations house populations who 
generally have functional impairments and/or lack ade-
quate support in the home setting. Our findings differ 
from a previous study from Spain, which demonstrated 
that retirement facilities were not associated with mor-
tality during the first wave in adjusted models. However, 
the total number of COVID cases reported in this series 
was small, 239, just over 60% were over age 60 (~ 145), 
and only 26 resided in a retirement facility, suggesting 
this cohort would be underpowered to detect such differ-
ences. While it is important for future studies to evaluate 
baseline functional status using more precise, objective 
measures, this is often difficult in the real-world setting. 
Therefore with further validation, ‘residence prior to 
admission’ may be a good surrogate marker that can be 
easily obtained. Assessing and incorporating functional 
status is essential when evaluating clinical outcomes in 
older adults.

Another critical factor that must be accounted for is 
advance directives, including discussion and documen-
tation of life-sustaining treatment preferences and DNR 
orders. Provider predictions about life expectancy typi-
cally do not match the patient’s treatment preferences 
[13, 36]. Although age has traditionally been used as a 
“proxy” for life expectancy, older adults of the same age 
can have very different trajectories. While advance direc-
tives should be discussed openly, this discussion and 
decision should not be imposed or pressured, which is 
most likely to happen in an acute, emergent setting. As 
such, timely, patient-centered goals of care discussions 
that focus on what matters most to the patient are essen-
tial [37]. A recent study by Alhatem et al., demonstrated 
that DNR status prior to admission determines mortal-
ity in patients with COVID-19 [38]. There was a nega-
tive interaction between age and early DNR, in that early 
DNR was less predictive of mortality in older age. This 

Table 3 Patient Factors Significantly Associated with Hospital 
Mortality (Multiple Logistic Regression, C-Statistics = 80.6%)

a  Comorbidity Index = Charlson Comorbidity Index (without age component)
b  DNR Do-Not-Resuscitate
c  MEWS Modified Early Warning Score
d  First Documented Oxygen Delivery
e Age is centered at 65 years of age and rescaled to a unit of 10 years

Patient Characteristics Adjusted OR (95% CI) p-value

Male 1.06 (1.03, 1.09) < 0.001

Asian 1.08 (1.03, 1.13) < 0.001

Hypertension 1.02 (0.98, 1.07) 0.268

Chronic Kidney Disease 1.05 (1.01, 1.09) 0.008

Interstitial Lung Disease 1.35 (1.28, 1.42) < 0.001

BMI < 25 1.03 (1.00, 1.07) 0.030

Comorbidity  Indexa 1.01 (1.01, 1.02) < 0.001

Admission from facility 1.14 (1.09, 1.20) < 0.001

Early  DNRb 1.38 (1.22, 1.57) < 0.001

MEWSc > 4 (severely-ill) 1.47 (1.40, 1.54) < 0.001

Nasal  Cannulad 1.17 (1.14, 1.21) < 0.001

Nonrebreatherd 1.34 (1.28, 1.40) < 0.001

Mechanical  Ventilationd 1.52 (1.43, 1.62) < 0.001

Effect of Age if history of 
 Hypertensione

0.97 (0.94, 0.99) 0.015

Effect of Age if early  DNRe 0.92 (0.87, 0.98) 0.007

Effect of Age if Admission from a 
 Facilitye

0.97 (0.95, 1.00) 0.063

Effect of Age if MEWS ≥4 (Critically-
Ill)e

0.96 (0.94, 0.99) 0.012
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suggests that early DNR in younger age indicates overall 
poor health, whereas, early DNR in older age indicates 
wishes that may be independent of overall health.

In response to treatment decisions and resource allo-
cation during COVID-19, several strategies, guidelines, 
and frameworks have been proposed, most of which 
highlight age as the main factor in making resource allo-
cation determinations [18–25, 39]. While a few of these 
guidelines recommend advanced age as a sole exclusion, 
the majority include age along with other criteria such as 
comorbid conditions, functional status, advance direc-
tives (specifically preferences for life-sustaining interven-
tions), and severity of acute illness [21–24, 39]. However, 
due to the limited ability to account for functional sta-
tus and advance directives, age often becomes the de 
facto factor used for resource allocation [40]. Our find-
ings support the AGS position statement indicating age 
alone should never be used to make decisions regarding 
resource allocation under conditions of resource scar-
city [26]. Although age is still an important factor in the 
overall risk of COVID-19 mortality through the risk of 
having increased baseline vulnerability and severe symp-
toms that require one to be hospitalized in the first place, 
a comprehensive approach that accounts for the above 
factors is essential in preventing ageism. Consideration 
of geriatrics-focused indicators will also be essential for 
future studies evaluating post-COVID sequelae, includ-
ing post-discharge outcomes within and beyond 30 days 
[41].

This study has several limitations. First, due to the 
overwhelming number of cases admitted at the peak of 
COVID-19, our large integrated health system func-
tioned as “one hospital.” Patients were transferred within 
the health system as well as to nationally-operated army 
facilities. While transferred patients were included in the 
descriptive data, they were excluded from the univariate 
and multivariate analyses if their discharge disposition 
was unknown. In addition, patients who were still admit-
ted at the time of the last data update were also excluded. 
While the number of transferred and admitted patients 
(N = 161 and N = 29, respectively) was small and unlikely 
to make a difference statistically, there is still a small risk 
of bias. A second limitation is that given the retrospec-
tive nature of the study and large numbers of patients, we 
were limited to elements in the EHR and thus used sur-
rogate markers for functional status and life-sustaining 
treatment preferences as well as the MEWS, which has 
not been evaluated in COVID-19. The advantage of uti-
lizing administrative hospital data is that it does not rely 
on manual scores that must be entered by clinicians into 
the medical record or manual data extraction. We have 
previously published the validity of these data elements 
as surrogate markers [15].

Conclusion
COVID-19 has disproportionally affected older adults. 
This study confirms findings reported by other inves-
tigators that male sex, higher comorbidity index and 
higher illness severity are associated with hospital mor-
tality. The confirmation of early DNR and ‘residence 
prior to admission’ are important additions to the liter-
ature and should be considered in future studies when 
considering patient-centered outcomes research. Lastly, 
while age remains an important factor in the overall risk 
of COVID-19 mortality, through the greater likelihood 
of physiological vulnerability and severe symptoms 
leading to hospitalization, a comprehensive approach 
that accounts for geriatrics-focused indicators is essen-
tial when evaluating prognosis and treatment decisions 
for hospitalized older patients with COVID-19.

Abbreviations
DNR: Do-Not-Resuscitate; COVID-19: Coronavirus disease 2019; ICU: Intensive 
Care Unit; AGS: The American Geriatrics Society; EHR: Electronic Health Record; 
MEWS: Modified Early Warning Score; BMI: Body Mass Index; CCI: Charlson 
Comorbidity Index; SNF: Skilled Nursing Facility; LOS: Length of Stay; SD: 
Standard Deviation; AIC: Akeike Information Criterion; BART : Bayesian Additive 
Regression Trees; VIF: Variance Inflation Factor.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12877- 021- 02527-w.

Additional file 1: Supplemental Table 1. Univariate Logistic Regressions 
of the Association between Age and Patient Characteristics (N = 4783) 
(Expired versus Discharged Alive).

Additional file 2: Supplemental Table 2. VIFs for Factors Indicating 
No Multicollinearity in the Multivariable Logistic Regression Model for 
Hospital Mortality.

Acknowledgements
The authors wish to acknowledge Timothy W. Farrell, MD, AGSF, for his editing 
and input during manuscript preparation.

Authors’ contributions
LS led study design, assisted with data management, statistical analysis and 
interpretation, and led the manuscript writing. AM contributed to study 
design, led data cleaning and management, and assisted with statistical 
analysis, interpretation, and manuscript writing. AM contributed to study 
design, assisted with data management, statistical analysis, interpretation, and 
manuscript writing. ST performed statistical analysis, interpretation of data, 
and contributed to manuscript writing. YL co-led data acquisition, assisted 
with data cleaning and management, and contributed to manuscript writing. 
MQ co-led data acquisition, assisted with data cleaning and management, and 
contributed to manuscript writing. MZ led the statistical analysis and interpre-
tation, and contributed to manuscript writing. SA contributed to study design, 
assisted with data management, and contributed to manuscript writing. MC 
contributed to study design, assisted with data interpretation, and contrib-
uted to manuscript writing. MD contributed to study design, assisted with 
data interpretation, and contributed to manuscript writing. KD contributed to 
study design, assisted with data interpretation, and contributed to manuscript 
writing. EB contributed to study design, guided data management, assisted 
with data interpretation, and contributed to manuscript writing. The authors 
read and approved the final manuscript.

https://doi.org/10.1186/s12877-021-02527-w
https://doi.org/10.1186/s12877-021-02527-w


Page 10 of 11Sinvani et al. BMC Geriatr          (2021) 21:554 

Funding
The authors have no funding sources to declare for the research reported in 
this article.

Availability of data and materials
The datasets used and/or analysed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The COVID-19 Research Consortium and institutional review board approved 
the study (IRB #20-0285) and allowed us to proceed with the review of medi-
cal records but confirmed that consent was not required. All methods were 
performed in accordance with the relevant guidelines and regulations.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Author details
1 Center for Health Innovations and Outcomes Research (CHIOR), Feinstein 
Institutes for Medical Research, Northwell Health, 600 Community Drive, Suite 
403, Manhasset, NY 11030, USA. 2 Division of Hospital Medicine, Department 
of Medicine, Northwell Health, Manhasset, NY, USA. 3 Donald and Barbara 
Zucker School of Medicine at Hofstra/Northwell, Northwell Health, Hemp-
stead, NY, USA. 4 Division of Geriatrics and Palliative Medicine, Department 
of Medicine, Northwell Health, Manhasset, NY, USA. 5 Division of Biostatistics, 
Institute for Health and Equity, Medical College of Wisconsin, Milwaukee, WI, 
USA. 

Received: 2 August 2021   Accepted: 24 September 2021

References
 1. Centers for Disease Control and Prevention. Severe outcomes among 

patients with coronavirus disease (COVID-19) – United States, February 
12-March 16, 2020. https:// www. cdc. gov/ mmwr/ volum es/ 69/ wr/ mm691 
2e2. htm. Accessed 26 Mar 2020.

 2. Center for Disease Control and Prevention. Weekly updates by select 
demographic and geographic characteristics: Provisional death counts 
for coronavirus disease 2019 (COVID-19). https:// www. cdc. gov/ nchs/ 
nvss/ vsrr/ covid_ weekly/ index. htm# SexAn dAge. Accessed 4 Mar 2021.

 3. Grasselli G, Greco M, Zanella A, Albano G, Antonelli M, Bellani G, et al. Risk 
factors associated with mortality among patients with COVID-19 in inten-
sive care units in Lombardy, Italy. JAMA Intern Med. 2020;180(10):1345–
55. https:// doi. org/ 10. 1001/ jamai ntern med. 2020. 3539.

 4. Sun H, Ning R, Tao Y, Yu C, Deng X, Zhao C, et al. Risk factors for mortality 
in 244 older adults with COVID-19 in Wuhan, China: a retrospective study. 
J Am Geriatr Soc. 2020;68(6):E19–23. https:// doi. org/ 10. 1111/ jgs. 16533.

 5. Zhou F, Yu T, Du R, Fan G, Liu Y, Liu Z, et al. Clinical course and risk factors 
for mortality of adult inpatients with COVID-19 in Wuhan, China: a retro-
spective cohort study [published correction appears in lancet. 2020 mar 
28;395(10229):1038] [published correction appears in lancet. 2020 mar 
28;395(10229):1038]. Lancet. 2020;395(10229):1054–62. https:// doi. org/ 
10. 1016/ S0140- 6736(20) 30566-3.

 6. Rivera-Izquierdo M, Del Carmen V-UM, R-delAmo JL, Fernández-García 
MÁ, Martínez-Diz S, Tahery-Mahmoud A, et al. Sociodemographic, clinical 
and laboratory factors on admission associated with COVID-19 mortality 
in hospitalized patients: a retrospective observational study. PLoS One. 
2020;15(6):e0235107. https:// doi. org/ 10. 1371/ journ al. pone. 02351 07.

 7. Pavasini R, Guralnik J, Brown JC, di Bari M, Cesari M, Landi F, et al. Short 
Physical Performance Battery and all-cause mortality: systematic review 
and meta-analysis. BMC Med. 2016;14(1):215. Published 2016 Dec 22. 
https:// doi. org/ 10. 1186/ s12916- 016- 0763-7.

 8. Inouye SK, Peduzzi PN, Robison JT, Hughes JS, Horwitz RI, Concato J. 
Importance of functional measures in predicting mortality among older 
hospitalized patients. JAMA. 1998;279(15):1187–93. https:// doi. org/ 10. 
1001/ jama. 279. 15. 1187.

 9. Morley JE, Vellas B, van Kan GA, Anker SD, Bauer JM, Bernabei R, et al. 
Frailty consensus: a call to action. J Am Med Dir Assoc. 2013;14(6):392–7. 
https:// doi. org/ 10. 1016/j. jamda. 2013. 03. 022.

 10. Hewitt J, Carter B, Vilches-Moraga A, Quinn TJ, Braude P, Verduri A, et al. 
The effect of frailty on survival in patients with COVID-19 (COPE): a 
multicentre, European, observational cohort study. Lancet Public Health. 
2020;5(8):e444–51. https:// doi. org/ 10. 1016/ S2468- 2667(20) 30146-8.

 11. Maltese G, Corsonello A, Di Rosa M, Soraci L, Vitale C, Corica F, et al. Frailty 
and COVID-19: A Systematic Scoping Review. J Clin Med. 2020;9(7):2106. 
Published 2020 Jul 4. https:// doi. org/ 10. 3390/ jcm90 72106.

 12. Rodríguez-Molinero A, López-Diéguez M, Tabuenca AI, de la Cruz JJ, 
Banegas JR. Functional assessment of older patients in the emergency 
department: comparison between standard instruments, medical records 
and physicians’ perceptions. BMC Geriatr. 2006;6:13. Published 2006 Sep 
4. https:// doi. org/ 10. 1186/ 1471- 2318-6- 13.

 13. Centers for Disease Control and Prevention. Advance care planning: 
ensuring your wishes are known and honored if you are unable to speak 
for yourself. https:// www. cdc. gov/ aging/ pdf/ advan ced- care- plann ing- 
criti cal- issue- brief. pdf. Accessed 26 Mar 2020.

 14. Walkey AJ, Weinberg J, Wiener RS, Cooke CR, Lindenauer PK. Association 
of do-not-Resuscitate Orders and Hospital Mortality Rate among Patients 
with Pneumonia. JAMA Intern Med. 2016;176(1):97–104. https:// doi. org/ 
10. 1001/ jamai ntern med. 2015. 6324.

 15. Patel K, Sinvani L, Patel V, Kozikowski A, Smilios C, Akerman M, et al. Do-
not-resuscitate orders in older adults during hospitalization: a propensity 
score-matched analysis. J Am Geriatr Soc. 2018;66(5):924–9. https:// doi. 
org/ 10. 1111/ jgs. 15347.

 16. Wenger NS, Pearson ML, Desmond KA, Brook RH, Kahn KL. Outcomes 
of patients with do-not-resuscitate orders. Toward an understanding of 
what do-not-resuscitate orders mean and how they affect patients. Arch 
Intern Med. 1995;155(19):2063–8.

 17. Rosenbaum L. Facing Covid-19 in Italy - ethics, logistics, and therapeutics 
on the Epidemic’s front line. N Engl J Med. 2020;382(20):1873–5. https:// 
doi. org/ 10. 1056/ NEJMp 20054 92.

 18. Vergano M, Bertolini G, Giannini A, Gristina GR, Livigni S, Mistraletti G, 
et al. Clinical ethics recommendations for the allocation of intensive care 
treatments in exceptional, resource-limited circumstances: the Italian 
perspective during the COVID-19 epidemic. Crit Care. 2020;24(1):165. 
Published 2020 Apr 22. https:// doi. org/ 10. 1186/ s13054- 020- 02891-w.

 19. Kuhn A. How a South Korean city is changing tactics to tamp down its 
COVID-19 surge. NPR. 2020 Mar 10. https:// www. npr. org/ secti ons/ goats 
andso da/ 2020/ 03/ 10/ 81286 5169/ how-a- south- korean- city- is- chang ing- 
tacti cs- to- tamp- down- its- covid- 19- surge. Accessed 26 Mar 2020.

 20. Farrell TW, Francis L, Brown T, Ferrante LE, Widera E, Rhodes R, et al. 
Rationing limited healthcare resources in the COVID-19 era and 
beyond: ethical considerations regarding older adults. J Am Geriatr Soc. 
2020;68(6):1143–9. https:// doi. org/ 10. 1111/ jgs. 16539.

 21. White DB, Lo B. A framework for rationing ventilators and critical care 
beds during the COVID-19 pandemic [online ahead of print march 27, 
2020]. JAMA. . https:// doi. org/ 10. 1001/ jama. 2020. 5046.

 22. Emanuel EJ, Persad G, Upshur R, Thome B, Parker M, Glickman A, et al. Fair 
allocation of scarce medical resources in the time of Covid-19. N Engl J 
Med. 2020;382(21):2049–55. https:// doi. org/ 10. 1056/ NEJMs b2005 114.

 23. Truog RD, Mitchell C, Daley GQ. The toughest triage - allocating ventila-
tors in a pandemic. N Engl J Med. 2020;382(21):1973–5. https:// doi. org/ 
10. 1056/ NEJMp 20056 89.

 24. Healthcare Preparedness Program Grant. Utah crisis standards of care 
guidelines version 2 June, 2018. https:// int. nyt. com/ data/ docum enthe 
lper/ 6852- utah- triage- guide lines/ 02cb4 c5846 0e57e a9f05/ optim ized/ full. 
pdf. Accessed 4 May 2020.

 25. Arizona Department of Health Services. COVID-19 addendum: allocation 
of scarce resources in acute care facilities recommended for approval 
by State Disaster Medical Advisory Committee (SDMAC) – 06/12/2020. 
https:// www. azdhs. gov/ docum ents/ prepa redne ss/ epide miolo gy- disea 
se- contr ol/ infec tious- disea se- epide miolo gy/ novel- coron avirus/ sdmac/ 
covid- 19- adden dum. pdf. Accessed 19 June 2020.

https://www.cdc.gov/mmwr/volumes/69/wr/mm6912e2.htm
https://www.cdc.gov/mmwr/volumes/69/wr/mm6912e2.htm
https://www.cdc.gov/nchs/nvss/vsrr/covid_weekly/index.htm#SexAndAge
https://www.cdc.gov/nchs/nvss/vsrr/covid_weekly/index.htm#SexAndAge
https://doi.org/10.1001/jamainternmed.2020.3539
https://doi.org/10.1111/jgs.16533
https://doi.org/10.1016/S0140-6736(20)30566-3
https://doi.org/10.1016/S0140-6736(20)30566-3
https://doi.org/10.1371/journal.pone.0235107
https://doi.org/10.1186/s12916-016-0763-7
https://doi.org/10.1001/jama.279.15.1187
https://doi.org/10.1001/jama.279.15.1187
https://doi.org/10.1016/j.jamda.2013.03.022
https://doi.org/10.1016/S2468-2667(20)30146-8
https://doi.org/10.3390/jcm9072106
https://doi.org/10.1186/1471-2318-6-13
https://www.cdc.gov/aging/pdf/advanced-care-planning-critical-issue-brief.pdf
https://www.cdc.gov/aging/pdf/advanced-care-planning-critical-issue-brief.pdf
https://doi.org/10.1001/jamainternmed.2015.6324
https://doi.org/10.1001/jamainternmed.2015.6324
https://doi.org/10.1111/jgs.15347
https://doi.org/10.1111/jgs.15347
https://doi.org/10.1056/NEJMp2005492
https://doi.org/10.1056/NEJMp2005492
https://doi.org/10.1186/s13054-020-02891-w
https://www.npr.org/sections/goatsandsoda/2020/03/10/812865169/how-a-south-korean-city-is-changing-tactics-to-tamp-down-its-covid-19-surge
https://www.npr.org/sections/goatsandsoda/2020/03/10/812865169/how-a-south-korean-city-is-changing-tactics-to-tamp-down-its-covid-19-surge
https://www.npr.org/sections/goatsandsoda/2020/03/10/812865169/how-a-south-korean-city-is-changing-tactics-to-tamp-down-its-covid-19-surge
https://doi.org/10.1111/jgs.16539
https://doi.org/10.1001/jama.2020.5046
https://doi.org/10.1056/NEJMsb2005114
https://doi.org/10.1056/NEJMp2005689
https://doi.org/10.1056/NEJMp2005689
https://int.nyt.com/data/documenthelper/6852-utah-triage-guidelines/02cb4c58460e57ea9f05/optimized/full.pdf
https://int.nyt.com/data/documenthelper/6852-utah-triage-guidelines/02cb4c58460e57ea9f05/optimized/full.pdf
https://int.nyt.com/data/documenthelper/6852-utah-triage-guidelines/02cb4c58460e57ea9f05/optimized/full.pdf
https://www.azdhs.gov/documents/preparedness/epidemiology-disease-control/infectious-disease-epidemiology/novel-coronavirus/sdmac/covid-19-addendum.pdf
https://www.azdhs.gov/documents/preparedness/epidemiology-disease-control/infectious-disease-epidemiology/novel-coronavirus/sdmac/covid-19-addendum.pdf
https://www.azdhs.gov/documents/preparedness/epidemiology-disease-control/infectious-disease-epidemiology/novel-coronavirus/sdmac/covid-19-addendum.pdf


Page 11 of 11Sinvani et al. BMC Geriatr          (2021) 21:554  

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 26. Farrell TW, Ferrante LE, Brown T, Francis L, Widera E, Rhodes R, et al. 
AGS position statement: resource allocation strategies and age-related 
considerations in the COVID-19 era and beyond. J Am Geriatr Soc. 
2020;68(6):1136–42. https:// doi. org/ 10. 1111/ jgs. 16537.

 27. Quan H, Sundararajan V, Halfon P, Fong A, Burnand B, Luthi JC, et al. 
Coding algorithms for defining comorbidities in ICD-9-CM and ICD-10 
administrative data. Med Care. 2005;43(11):1130–9. https:// doi. org/ 10. 
1097/ 01. mlr. 00001 82534. 19832. 83.

 28. Subbe CP, Kruger M, Rutherford P, Gemmel L. Validation of a modified 
early warning score in medical admissions. QJM. 2001;94(10):521–6. 
https:// doi. org/ 10. 1093/ qjmed/ 94. 10. 521.

 29. Jayasundera R, Neilly M, Smith TO, Myint PK. Are Early Warning Scores 
Useful Predictors for Mortality and Morbidity in Hospitalised Acutely 
Unwell Older Patients? A Systematic Review. J Clin Med. 2018;7(10):309. 
Published 2018 Sep 28. https:// doi. org/ 10. 3390/ jcm71 00309.

 30. Huggan PJ, Akram F, Er BHD, Christen LSJ, Weixian L, Lim V, et al. Measures 
of acute physiology, comorbidity and functional status to differentiate 
illness severity and length of stay among acute general medical admis-
sions: a prospective cohort study. Intern Med J. 2015;45:732. https:// doi. 
org/ 10. 1111/ imj. 12795.

 31. Cei M, Bartolomei C, Mumoli N. In-hospital mortality and morbidity of 
elderly medical patients can be predicted at admission by the modified 
early warning score: a prospective study. Int J Clin Pract. 2009;63:591–5. 
https:// doi. org/ 10. 1111/j. 1742- 1241. 2008. 01986.x.

 32. Little R, Rubin D. Statistical Analysis with missing data. Wiley; 2002.
 33. Zhang XM, Jiao J, Cao J, Huo XP, Zhu C, Wu XJ, et al. Frailty as a predictor 

of mortality among patients with COVID-19: a systematic review and 
meta-analysis. BMC Geriatr. 2021;21(1):186. https:// doi. org/ 10. 1186/ 
s12877- 021- 02138-5.

 34. Gilbert T, Neuburger J, Kraindler J, Keeble E, Smith P, Ariti C, et al. 
Development and validation of a hospital frailty risk score focusing on 
older people in acute care settings using electronic hospital records: an 
observational study. Lancet. 2018;391(10132):1775–82. https:// doi. org/ 10. 
1016/ S0140- 6736(18) 30668-8.

 35. Aguayo GA, Donneau AF, Vaillant MT, Schritz A, Franco OH, Stranges 
S, et al. Agreement between 35 published frailty scores in the general 
population. Am J Epidemiol. 2017;186(4):420–34. https:// doi. org/ 10. 1093/ 
aje/ kwx061.

 36. Trajkovic-Vidakovic M, de Graeff A, Voest EE, Teunissen SC. Symptoms 
tell it all: a systematic review of the value of symptom assessment to 
predict survival in advanced cancer patients. Crit Rev Oncol Hematol. 
2012;84(1):130–48. https:// doi. org/ 10. 1016/j. critr evonc. 2012. 02. 011.

 37. Bledsoe TA, Jokela JA, Deep NN, Snyder SL. Universal do-not-resuscitate 
orders, social worth, and life-years: opposing discriminatory approaches 
to the allocation of resources during the COVID-19 pandemic and other 
health system catastrophes. Ann Intern Med. 2020;173(3):230–2. https:// 
doi. org/ 10. 7326/ M20- 1862.

 38. Alhatem A, Spruijt O, Heller DS, Chokshi RJ, Schwartz RA, Lambert WC. 
“Do-not-resuscitate (DNR)” status determines mortality in patients with 
COVID-19. Clin Dermatol. 2020. https:// doi. org/ 10. 1016/j. clind ermat ol. 
2020. 11. 013.

 39. Christian MD, Sprung CL, King MA, Dichter JR, Kissoon N, Devereaux AV, 
et al. Triage: care of the critically ill and injured during pandemics and 
disasters: CHEST consensus statement. Chest. 2014;146(4 Suppl):e61S–
74S. https:// doi. org/ 10. 1378/ chest. 14- 0736.

 40. Rosoff PM. Who Should Ration? AMA J Ethics. 2017;19(2):164–73. 
Published 2017 Feb 1. https:// doi. org/ 10. 1001/ journ alofe thics. 2017. 19.2. 
ecas4- 1702.

 41. Romero-Duarte Á, Rivera-Izquierdo M, Guerrero-Fernández de Alba 
I, Pérez-Contreras M, Fernández-Martínez NF, Ruiz-Montero R, et al. 
Sequelae, persistent symptomatology and outcomes after COVID-19 
hospitalization: the ANCOHVID multicentre 6-month follow-up study. 
BMC Med. 2021;19(1):129. https:// doi. org/ 10. 1186/ s12916- 021- 02003-7.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1111/jgs.16537
https://doi.org/10.1097/01.mlr.0000182534.19832.83
https://doi.org/10.1097/01.mlr.0000182534.19832.83
https://doi.org/10.1093/qjmed/94.10.521
https://doi.org/10.3390/jcm7100309
https://doi.org/10.1111/imj.12795
https://doi.org/10.1111/imj.12795
https://doi.org/10.1111/j.1742-1241.2008.01986.x
https://doi.org/10.1186/s12877-021-02138-5
https://doi.org/10.1186/s12877-021-02138-5
https://doi.org/10.1016/S0140-6736(18)30668-8
https://doi.org/10.1016/S0140-6736(18)30668-8
https://doi.org/10.1093/aje/kwx061
https://doi.org/10.1093/aje/kwx061
https://doi.org/10.1016/j.critrevonc.2012.02.011
https://doi.org/10.7326/M20-1862
https://doi.org/10.7326/M20-1862
https://doi.org/10.1016/j.clindermatol.2020.11.013
https://doi.org/10.1016/j.clindermatol.2020.11.013
https://doi.org/10.1378/chest.14-0736
https://doi.org/10.1001/journalofethics.2017.19.2.ecas4-1702
https://doi.org/10.1001/journalofethics.2017.19.2.ecas4-1702
https://doi.org/10.1186/s12916-021-02003-7

	Geriatrics-focused indicators predict mortality more than age in older adults hospitalized with COVID-19
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusion: 

	Background
	Methods
	Data elements
	Analysis

	Results
	Patient characteristics
	Hospital outcomes
	Univariate analysis (N = 4783)
	Multivariable analyses (N = 4783)

	Sensitivity analyses

	Discussion
	Conclusion
	Acknowledgements
	References


