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Abstract 

Background Changes in sleep, physical activity and mental health were observed in older adults during early stages 
of the COVID‑19 pandemic. Here we describe effects of the COVID‑19 pandemic on older adult mental health, wellbe‑
ing, and lifestyle behaviors and explore predictors of better mid‑pandemic mental health and wellbeing.

Methods Participants in the Adult Changes in Thought study completed measures of lifestyle behaviors (e.g., sleep, 
physical activity) and mental health and wellbeing both pre‑pandemic during regular study visits and mid‑pandemic 
via a one‑time survey. We used paired t‑tests to compare differences in these measures pre‑ vs. mid‑pandemic. Using 
multivariate linear regression, we further explored demographic, health, and lifestyle predictors of pandemic depres‑
sive symptoms, social support, and fatigue. We additionally qualitatively coded free text data from the mid‑pandemic 
survey for related comments.

Results Participants (N = 896) reported significant changes in mental health and lifestyle behaviors at pre‑pandemic 
vs. mid‑pandemic measurements (p < 0.0001). Qualitative findings supported these behavioral and wellbeing 
changes. Being male, never smoking, and lower pre‑pandemic computer time and sleep disturbance were signifi‑
cantly associated with lower pandemic depressive symptoms. Being partnered, female, never smoking, and lower 
pre‑pandemic sleep disturbance were associated with higher pandemic social support. Pre‑pandemic employment, 
more walking, less computer time, and less sleep disturbance were associated with less pandemic fatigue. Partici‑
pant comments supported these quantitative findings, highlighting gender differences in pandemic mental health, 
changes in computer usage and physical activity during the pandemic, the value of spousal social support, and links 
between sleep disturbance and mental health and wellbeing. Qualitative findings also revealed additional factors, 
such as stresses from personal and family health situations and the country’s concurrent political environment, 
that impacted mental health and wellbeing.

Conclusions Several demographic, health, and lifestyle behaviors appeared to buffer the effects of the COVID‑
19 pandemic and may be key sources of resilience. Interventions and public health measures targeting men 
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and unpartnered individuals could promote social support resilience, and intervening on modifiable behaviors 
like sleep quality, physical activity and sedentary activities like computer time may promote resilience to fatigue 
and depressive symptoms during future community stressor events. Further research into these relationships 
is warranted.

Keywords Physical activity, Sleep, Depression, Social support, Fatigue, COVID‑19 pandemic, Resilience, Lifestyle

Background
In March 2020, the United States began implementing 
state-level public health mitigation measures to limit the 
spread of COVID-19. Adults aged 65 years and older, 
particularly those with chronic health conditions, were at 
the highest risk for contracting and dying from COVID-
19 infection [1, 2], making adherence to these mandates 
particularly important for this population. However, 
older adults were already at an increased risk for social 
isolation, loneliness, and high levels of sedentary behav-
ior pre-pandemic [3–5], which were likely to be exacer-
bated by mandated social distancing measures.

More recently, there has been mounting evidence 
of the impacts of the COVID-19 pandemic on older 
adults’ daily lives, mental health, and activities, includ-
ing lifestyle behaviors such as physical activity, sedentary 
behavior, and sleep. Specifically, studies from older adult 
populations across the globe have documented higher 
depressive symptoms, stress, and anxiety [6–8]; lower 
social support and engagement [9–12]; interruptions to 
daily life, living arrangements, and employment [13–15]; 
changes to physical activity and sedentary behavior pat-
terns [16–18]; and lower sleep quality [19, 20]. Outside 
the context of the pandemic, lower physical activity, 
higher sedentary behavior, and worse sleep quality have 
been associated with worsened depressive symptoms and 
other measures of wellbeing [21–24]; changes to these 
lifestyle behaviors from the pandemic, particularly if sus-
tained long-term, could be associated with deleterious 
mental health and wellbeing outcomes for older adults.

It is incompletely understood whether demographic 
and pre-pandemic lifestyle behavioral predictors might 
be protective of wellbeing during events like the COVID-
19 pandemic. We are aware of only two studies in older 
adults that explored cross-sectional associations between 
self-reported pandemic lifestyle behavior patterns and 
depression and anxiety. Robbins et  al. documented that 
self-reported low levels of sleep quality, changes in sleep 
time, greater amounts of TV time, and lower amounts of 
walking during the pandemic were associated with more 
feelings of depression and anxiety [7]. Similarly, Amerio 
and colleagues documented lower levels of sleep qual-
ity and higher levels of depressive symptoms and anxi-
ety, further suggesting that these outcomes were worse 
for women and among those who had lower levels of 

physical activity during the pandemic [25]. These stud-
ies were cross-sectional, with no pre-pandemic measure, 
and only included data collected within the first months 
of the pandemic period. Pre-pandemic assessment of 
these behavioral and wellbeing factors is needed to assess 
change during the pandemic period and establish tempo-
rality in possible protective associations observed. Addi-
tionally, to our knowledge, no studies have assessed the 
sustained impacts and longer-term consequences for the 
mental health of older adults beyond a year into the pan-
demic period.

Here, we apply a mixed methods approach to leverage 
data from the Adult Changes in Thought (ACT) study 
collected at regular study visits pre-pandemic and dur-
ing a one-time survey in 2021, just over 1 year after the 
March 2020 initiation of public health mitigation meas-
ures in the US. Our specific objectives were to 1) char-
acterize within-person changes in self-reported lifestyle 
behaviors (physical activity, sedentary time, sleep) and 
mental health and wellbeing measures (depression, social 
support, fatigue) from pre-pandemic to mid-COVID-19 
pandemic; 2) evaluate demographic, health, and lifestyle 
behavior predictors of depressive symptoms during the 
pandemic, fatigue, and social support outcomes; and 
3) explore qualitative findings related to behavioral and 
mental health coping and resilience from free response 
text. We hypothesized that higher levels of healthful life-
style behaviors (e.g., more physical activity, less sedentary 
behavior, better sleep quality) pre-pandemic would be 
associated with better mental health and wellbeing meas-
ures mid-pandemic.

Methods
Setting
The ACT study is an ongoing epidemiologic cohort study 
conducted at the Kaiser Permanente Washington Health 
Research Institute in King County (Seattle), Washington, 
USA. All procedures were approved by the Kaiser Per-
manente Interregional institutional review board, and 
participants provided full written informed consent. Pre-
pandemic data were obtained through in-person bien-
nial measurements (performed face-to-face in a research 
clinic or the participant’s home based on individual pref-
erence) and a self-administered paper survey returned by 
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mail after the visit between 2016 and 2020. Beginning in 
early March 2020, Washington State implemented state 
and locally mandated business closures and encouraged 
residents to stay home and practice social distancing. 
These restrictions remained in place until early 2021, 
at which point restrictions were gradually eased and a 
phased re-opening plan was initiated [26]. Mid-pan-
demic data was obtained via a one-time survey either 
self-administered online or administered by study staff 
over the phone during the COVID-19 pandemic between 
March 2, 2021 and July 1, 2021. By March 2, 2021, when 
the ACT pandemic survey was initiated, a widespread 
COVID-19 vaccination campaign was underway for 
older adults, and approximately 38% of adults over age 
65 years had been vaccinated [27]. By July 1, 2021, when 
survey fielding completed, > 95% of older adults in King 
County Washington had completed an initial COVID-
19 vaccination series [27]. See Fig.  1 for a timeline of 
key pandemic-related milestones in the greater Seattle, 
Washington area.

ACT study overview
ACT is an ongoing, prospective cohort study initiated 
in 1994 [31, 32]. ACT invites a random sample of Kaiser 
Permanente Washington (KPWA) members aged ≥ 65 
years without dementia to participate. KPWA is an inte-
grated health care delivery system, from which mem-
bers receive the majority of their care. Study participants 

undergo biennial follow-up visits to screen for incident 
dementia. Participants are followed until dementia onset, 
study disenrollment, or death. Starting in 2000 an expan-
sion cohort was recruited to increase the study size, and 
in 2005 continuous enrollment of participants began to 
ensure a stable active cohort of approximately 2000 older 
adults. Study visits are completed at a central research 
clinic or at the participant’s home, based on partici-
pant need and preference [33]. Biennial visit procedures 
include cognitive testing, physical performance testing, 
and a variety of self-reported demographic and health 
measures collected via in-person interview by study staff 
[32]. Beginning in 2016 an additional self-reported sur-
vey was added to ACT visits to collect additional meas-
ures of well-being (mental health, quality of life, etc.), and 
lifestyle behaviors (physical activity, sedentary behav-
ior, and sleep) [34]. All demographic and pre-pandemic 
measures presented in this analysis were collected as part 
of routine ACT study visits between April 27, 2016 and 
March 3, 2020.

ACT COVID‑19 pandemic survey procedures
During the COVID-19 pandemic (March 2, 2021 through 
July 1, 2021), participants were invited via postal mail 
to complete a one-time web survey or to arrange con-
tact with a study staff member and complete the one-
time survey by phone. Survey items included a series of 
closed-ended items on topics related to lifestyle behaviors 

Fig. 1 Timeline of key ACT measurement activities and pandemic milestones in the Seattle, WA area References: [26–30]
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(physical activity, sleep, and sedentary behavior), and 
mental and physical health during the pandemic. Wher-
ever possible, items and scales used in the standard ACT 
Biennial Visit were used in this survey to facilitate com-
parison with prior responses. This survey also included 
free-text, open-ended items where participants could 
share further details on their experiences during the pan-
demic. Participants were mailed $10 cash with a thank 
you letter upon completion.

Predictors
Demographic predictors
Demographic predictors were self-reported at the partici-
pants’ most recent study visit pre-pandemic and included 
age (years, continuous), sex (male vs. female), race 
(reported as White, Black, Asian, and other races includ-
ing multiple race groups; consolidated as self-reported 
White vs. all other race groups for analysis due to limited 
sample size), ethnicity (Hispanic vs. non-Hispanic), years 
of education (continuous), retirement status (currently 
working for pay vs. not), marital status (currently married 
or partnered vs. single/divorced/widowed), and living 
arrangement (living alone vs. living with others).

Health and function predictors
Health and function predictors included: smoking status 
assessed by self-report at the pre-pandemic ACT study 
visit (never, current, former smoker; dichotomized as 
ever vs. never smoker for modeling due to limited sam-
ple size); body mass index (BMI) calculated from height 
and weight measured at the same pre-pandemic ACT 
study visit (kg/m2; continuous); Charlson Comorbidity 
Index (CCI continuous, range 0–24, high score suggests 
higher morbidity burden) scores from electronic health 
records in the year prior to the pre-pandemic ACT vis-
its [35, 36]. Self-reported physical function measured via 
two summary scores. The first was an Activities of Daily 
Living (ADL) summary that reflected the number of six 
distinct ADLs the participant endorsed having difficulty 
with: walking around the house, getting out of bed or a 
chair, feeding oneself, dressing oneself, bathing/shower-
ing oneself, and getting to or using the toilet (continu-
ous; range 0–6, higher scores denote difficulty with more 
tasks). A second summary measure represented difficulty 
with five Instrumental ADLs (I-ADLs; continuous; range 
0–5, higher scores denote difficulty with more tasks): 
light housework, shopping for personal items, prepar-
ing meals, managing finances, and using the telephone 
[37–41].

Lifestyle behavior predictors
Pre-pandemic lifestyle behavior predictors were self-
reported via written survey immediately following the 

most recent study visit pre-pandemic. We selected reli-
able and valid measures that were specifically selected 
for their appropriateness in older populations. Physi-
cal activity was reported as days per week engaging in 
brisk walking, an item taken from the validated Com-
munity Healthy Activities Model Program for Seniors 
(CHAMPS) questionnaire [42, 43]. Daily TV time and 
computer time were collected using items from the vali-
dated Sedentary Behavior Questionnaire [44, 45]. Par-
ticipants estimated typical daily time in each activity 
according to the following categories: “None”, “Less than 
30 min”, “30–60 min”, “1–2 h”, “2–3 h”, “3–4 h”, “4–5 h”, 
“5–6 h”, “6–7 h”, “7–8 h”, and “8 + hours”. Total daily sed-
entary behavior was assessed via the following separate 
question adapted from the Women’s Health Initiative 
Objective Physical Activity and Cardiovascular Health 
Study [46]: “During a usual day and night, about how 
many hours do you spend sitting?” Categorical response 
options included: “Less than 4 h”, “4–5 h”, “6–7 h”, “8–9 
h”, “10–11 h”, “12–13 h”, “14–15 h”, and “16 or more 
hours”. For analysis, the midpoint value of each selected 
response range was taken (e.g., for “1–2 h”, a value of 1.5 
h) to estimate a daily average time in hours for each activ-
ity. For responses indicating the maximal category (i.e., 
8 + or 16 + hours), the assigned value was truncated at 8 
or 16 h, respectively.

Sleep quality was measured using the reliable and valid 
8-item Patient-Reported Outcomes Measurement Infor-
mation System (PROMIS) Sleep Disturbance scale [47, 
48]. For analysis, raw scores were converted to T-scores 
and standard error estimates according to PROMIS scor-
ing tables (continuous, higher scores indicate more sleep 
disturbance and lower quality sleep). Pre-pandemic levels 
of each outcome measure (depressive symptoms, social 
support, and fatigue) were measured using the same 
scales described under “Outcomes”.

Quantitative outcome measures
Outcomes of interest include levels of three key measures 
of mental health and wellbeing collected on the ACT 
pandemic survey in 2020. Measures were also collected 
as part of regular ACT biennial visits pre-pandemic and 
were specifically selected for their appropriateness in 
an older adult population. Depressive symptoms were 
measured using the reliable and validated Center for 
Epidemiologic Studies Depression 10-item Scale (CES-
D-10; scores range 0–30 and scores ≥ 10 indicate sig-
nificant depressive symptoms vs. scores < 10) [49, 50]. 
Social Support was measured using a shortened, 6-item 
version of the validated Interpersonal Support Evalu-
ation List [51] (ISEL; scores range 6–24, higher scores 
indicate more social support). Energy and fatigue were 
measured using the 4-item vitality scale from the reliable 



Page 5 of 16Greenwood‑Hickman et al. BMC Geriatrics          (2024) 24:676  

and valid Rand 36-item Short Form (Rand SF-36; scores 
range 0–100, higher scores indicate more energy and 
less fatigue) [52, 53].

Qualitative data
All free-text narrative data included were derived from 
participant typed (web survey) or dictated (phone sur-
vey) responses to the following open-ended questions: 
“Have you found any new ways to be physically active 
during the COVID-19 pandemic? If yes, what are they?”; 
“What other technologies have you used to stay in touch 
with others during the stay-at-home order?”; and “Is 
there anything else you feel we should know about how 
your lifestyle has changed because of the COVID-19 
pandemic?”.

Statistical analyses
All data underwent basic review and cleaning for invalid 
and missing values as part of standard ACT study pro-
cedures. We computed descriptive statistics (frequency, 
mean, standard deviation [SD]) for pre-pandemic base-
line demographic, health/function, and lifestyle behav-
ior measures. We further calculated descriptive statistics 
(mean, SD) for both pre-pandemic and pandemic meas-
ures of each outcome and behavioral predictor of inter-
est, and reviewed histograms of each outcome variable 
to assess approximate normality. We calculated pre-pan-
demic to pandemic change scores for each behavioral and 
outcome measure by subtracting pre-pandemic scores 
from pandemic scores. We used two-tailed paired T-tests 
to test for statistically significant differences between 
pre-pandemic and pandemic levels of each measure.

In order to explore potential predictors of pandemic 
mental health and wellbeing, we sequentially fit two 
multivariate linear regression models for each outcome 
to separately evaluate demographic and behavioral pre-
dictors of pandemic depressive symptoms, social sup-
port, and fatigue using a complete case approach. First, 
in order to explore the relationship between demo-
graphic and health predictors alone, we fit Model 1, 
which included demographic characteristics (age, sex, 
race, ethnicity, education, retirement status, marital sta-
tus, and living arrangement) and pre-pandemic health 
and function measures (BMI, CCI, smoking status, diffi-
culty with ADLs, and difficulty with IADLs) only. Then, 
to understand if pre-pandemic behavioral measures fur-
ther explained variation in the outcome not captured by 
the demographic and health covariates, we separately fit 
Model 2, which included all variables from Model 1 and 
further included self-reported pre-pandemic lifestyle 
behavioral measures identified a priori (days briskly walk-
ing, daily total sitting time, daily TV time, daily computer 
time, and sleep quality). To account for possible seasonal 

variation in some measures, the month of pandemic sur-
vey responses was also included in models as a covariate. 
To aid in interpretation of regression output, all con-
tinuous variables for which 0 was not a valid or probable 
value were centered on the sample mean.

To assess the correlation between pre-pandemic and 
pandemic levels of outcome measures, we calculated 
Pearson’s correlation coefficients between pre- and 
pandemic-measures. To assess potential concerns for 
collinearity and other violations of regression model 
assumptions, we additionally calculated Pearson’s cor-
relation coefficients between all independent variables, 
assessed variance inflation factors for all covariates, and 
repeated models using robust standard error calcula-
tions. To assess the impact of baseline adjustment, we 
repeated Model 2, additionally adjusting for baseline val-
ues of the applicable outcome measure of interest and 
a measure of the time (in years) between pre-pandemic 
and pandemic measures. All statistical analyses were 
completed in Stata, version 15.1 (StataCorp LLC, College 
Station, TX).

Qualitative analysis
We primarily used a triangulated mixed methods [54, 
55] approach for the qualitative analysis, in which data 
from the ACT pandemic survey free text questions 
were used to add context and depth to the quantitative 
results. As with other mixed methods studies [56–58], we 
first used quantitative methods to identify factors asso-
ciated with our outcomes of interest. We then turned 
to the free text data to perform a qualitative analysis in 
order to better understand these factors. We developed 
a list of a priori codes of interest, based largely on the 
quantitative results, and drawn in part from an exist-
ing codebook from a recent study [13]. Because we were 
interested in elaborating on our quantitative findings 
specifically, we primarily utilized a deductive coding 
approach but allowed for inductively generated codes to 
arise during the coding process as appropriate, allow-
ing for an investigation of qualitative data pertaining to 
pandemic-related impacts to daily life, health, and cop-
ing strategies. Text data management and coding was 
conducting using Atlas.ti version 9 (Atlas.ti Scientific 
Software Development GmbH, Berlin, Germany). We 
initially used the Text Search feature in Atlas.ti to per-
form key word searches of the free text data and assigned 
codes for broad topical categories of interest: technol-
ogy use, TV watching, sleep, sitting, physical activity & 
exercise, depressive symptoms, loneliness, social sup-
port, fatigue, and anxiety and stress. Search terms were 
generated collaboratively by the two-person coding team 
trained in qualitative analysis (MAGH and LNS), based 
on synonyms and related words or word stems for each 
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topic of interest, and were refined after an initial review 
of the free text data (see final search terms in Supplemen-
talTable 1 of Additional File 1). All quotations tagged by 
the software were then reviewed by a single coder from 
the two-person team, and coders met to reconcile code 
assignments and iteratively refine the codebook. Once 
consensus was reached, and all data coded, we summa-
rized the contextual insights gleaned from the free text 
data as they related to the significant predictors from the 
quantitative models in a mixed methods insights table for 
interpretation and discussion.

Results
Participant characteristics
Of the N = 1885 eligible participants at 2016 data col-
lection, the ACT mid-pandemic survey was fielded to 
n = 1660 participants who met eligibility criteria at the 
time with a response rate of 77% (n = 1276 responses). 
A total of N = 896 ACT participants completed and 
returned a biennial survey at least once between 2016 
and March 2020 (pre-pandemic) and completed the ACT 
mid-pandemic survey in 2021, representing a combined 
response rate across both surveys of 47.5%. Character-
istics of ACT participants who responded to both sur-
veys and of ACT participants who were eligible but did 
not respond to one or both survey (non-responders) are 
described in Table  1. The mean age in this sample was 
77.2 years (SD = 6.6) at their pre-pandemic measurement, 
with an average (SD) of 3.0 (1.3) years between pre-pan-
demic and pandemic survey responses. 57.6% of partici-
pants were female, 89.3% self-reported White race, 98.3% 
self-reported non-Hispanic ethnicity, and the sample was 
highly educated (mean 17.1 [standard deviation 2.7] years 
education). Most participants were married or partnered 
(59.2%); lived with others (65.0%); and did not currently 
work for pay at the time of their pre-pandemic study visit 
(82.8%). The population was also generally healthy, with 
low smoking rates (1.7% current, 5.6% former smokers) 
and few impairments in activities of daily living. Non-
responders were older on average, a smaller proportion 
self-reported White race, had fewer years of schooling 
on average, had higher proportions who were single and 
who lived alone, and had more chronic health conditions 
and impairments to ADLs on average than responders.

Pre‑pandemic vs. mid‑pandemic descriptive findings
Table  2 summarizes unadjusted pre-pandemic and 
mid-pandemic sample means for key mental health and 
well-being outcomes and behavioral predictors of inter-
est. Mean age at pandemic survey completion was 80.2 
years (6.6). Self-reported total daily sitting was just under 
8 h on average pre-pandemic but was approximately half 
an hour shorter on average mid-pandemic. By contrast, 

individual measures of two key sedentary activities, daily 
TV time and daily computer time, were higher mid-pan-
demic by approximately half an hour each (2.6 h [1.7] vs. 
3.0 h [2.0], and 1.9 h [1.6] vs. 2.3 h [1.8], respectively). 
Self-reported days per week walking briskly was more 
than half a day lower on average mid-pandemic (1.6 days 
[1.9] vs. 0.7 days [1.3]). Self-reported sleep quality was 
lower on average mid-pandemic, as indicated by a higher 
sleep disturbance score (46.7 [8.0] vs. 53.4 [7.9]). Depres-
sive symptoms were higher on average mid-pandemic 
(3.7 [4.1] vs. 5.2 [4.9]), and more participants had a score 
of 10 or higher, which is clinically indicative of depres-
sion (9.7% vs. 20.8%) [49]. Both social support and energy 
and fatigue scores were higher on average mid-pandemic, 
indicating lower social support and more fatigue (22.7 
[2.0] vs. 21.4 [2.9] and 62.3 [17.5] vs. 57.4 [19.9], respec-
tively). All pre-pandemic vs. mid-pandemic comparisons 
were statistically significantly different (p < 0.0001).

Predictors of pandemic mental health & wellbeing
The sample size included in each model varied due to 
missingness of included variables, but complete case 
samples for each model were similar to the full sample 
in terms of demographic characteristics, health status, 
and sample means for key behavioral predictors and out-
comes (SupplementalTable 2 of Additional File 1). After 
considering model fit statistics for Models 1 and 2 for all 
outcomes of interest, we determined that Model 2, which 
additionally included lifestyle behavioral predictors, was 
the more complete model (Model 1 vs. Model 2 adjusted 
R-squared values: Depressive Symptoms 0.061 vs. 0.148; 
Social Support 0.035 vs. 0.035; fatigue 0.110 vs. 0.165). 
Therefore, results for all outcomes of interest from Model 
1 (demographic and health predictors only) can be found 
in SupplementalTable  3 (see Additional File 1), and we 
present fully adjusted results including pre-pandemic 
lifestyle behavior predictors from Model 2 are displayed 
in Table 3.

Depressive symptoms
In model 1 (N = 792; SupplementalTable  3A of Addi-
tional File 1), without adjustment for lifestyle behav-
iors, male gender and being married or partnered were 
associated with significantly lower pandemic CES-D 
scores, while ever smoking status and difficulty with 
ADLs were associated with significantly higher pan-
demic CES-D scores. In model 2 (N = 691; Table  3A), 
which further adjusted for behavioral measures of 
interest, male gender was associated with lower pan-
demic CES-D score (β = -0.71; -1.40, -0.02) and smok-
ing status was associated with a higher pandemic 
CES-D score (β = 2.20; 0.93, 3.47). Higher pre-pan-
demic computer time (β = 0.27; 0.04, 0.49), and higher 
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pre-pandemic sleep disturbance (β = 0.19; 0.15, 0.23) 
were significantly associated with higher pandemic 
CES-D score. Marital status and difficulty with ADLs 
were not significant in Model 2. No associations were 
seen in either model for other predictors.

Social support
In model 1 (N = 774; SupplementalTable  3B of Addi-
tional File 1), older age was associated with more mid-
pandemic social support, whereas male gender, current 
or former smoking status, and more difficulty with ADLs 

Table 1 Baseline demographic and pre‑pandemic characteristics of ACT participants responding to ACT COVID Survey (N = 896)

Note: Some categories may not sum the listed N due to missingness in a covariate. For Responders (Race n = 1; Hispanic ethnicity n = 2; marital status n = 13; BMI 
n = 24; CCI n = 40; I‑ADLs n = 5). For non‑responders (Race n = 5; Hispanic ethnicity n = 5; work for pay n = 29; marital status n = 37; living arrangement n = 30; BMI 
n = 118; CCI n = 82; smoking status n35; ADLs n = 47; I‑ADLs n = 69)

Abbreviations: SD standard deviation, BMI body mass index, CCI Charlson Comorbidity Index, ADLs activities of daily living, IADLs instrumental activities of daily living
a CCI is set to missing for individuals without current enrollment data or without a visit in the prior year

Responders Non‑Responders

N = 896 N = 989

mean (SD) mean (SD)

N (%) N (%)

Age (years, pre‑COVID) 77.2 (6.6) 82.8 (7.9)

Time between measures (years) 3.0 (1.3) N/A

Sex
 Male 380 (42.4%) 411 (41.2%)

 Female 516 (57.6%) 578 (58.4%)

Race
 Asian 32 (3.6%) 39 (4.0%)

 Black 15 (1.7%) 27 (2.7%)

 Other race (including multiple races) 48 (5.4%) 45 (4.6%)

 White 800 (89.3%) 873 (88.7%)

Ethnicity
 Non‑Hispanic/Latino 879 (98.3%) 967 (98.3%)

 Hispanic/Latino 15 (1.7%) 17 (1.7%)

Education (years) 17.1 (2.7) 16.0 (3.0)

Currently work for pay 154 (17.2%) 89 (9.3%)

Marital Status
 Single/Divorced/Widowed 360 (40.8%) 544 (57.1%)

 Married/Partnered 523 (59.2%) 408 (42.9%)

Living Arrangement
 Live Alone 309 (34.5%) 415 (43.3%)

 Live w/Partner, Relative, Friend 582 (65.0%) 497 (51.8%)

 Live in Adult Family Home or Nursing Home 5 (0.6%) 47 (4.9%)

Body Mass Index (BMI) 27.1 (5.1) 26.6 (5.5)

Charlson Comorbidity Index (CCI)a 0.97 (1.50) 1.97 (2.33)

Smoking Status
 Never 831 (92.8%) 916 (96.0%)

 Former 50 (5.6%) 17 (1.8%)

 Current 15 (1.7%) 21 (2.2%)

Number ADLs with Difficulty
 None 724 (80.8%) 587 (62.3%)

 1 or more 172 (19.2%) 355 (37.7%)

Number IADLs with difficulty
 None 768 (86.2%) 614 (66.7%)

 1 or more 123 (13.8%) 306 (33.3%)
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were associated with lower mid-pandemic social support. 
In model 2 (N = 675; Table  3B), being married or part-
nered (β = 0.84; 0.00, 1.68) was associated with higher 
pandemic social support, and male gender (β = -0.51; 
-0.97, -0.06), being a current or former smoker (β = -1.08; 
-1.92,-0.24), and higher pre-pandemic sleep disturbance 
(β = -0.04; -0.07, -0.01) were associated with lower mid-
pandemic social support. However, age and difficulty 
with ADLs were not significant with adjustment for 
behavioral indicators. No associations were seen in either 
model for other predictors.

Fatigue
In model 1 (N = 806; SupplementalTable 3C of Additional 
File 1), higher BMI, higher Charlson Comorbidity Index, 
current or former smoking status, and difficulty with 
ADLs and IADLs were all associated with lower pan-
demic SF-36 energy and fatigue scores (i.e., lower energy 
and more fatigue). In Model 2 (N = 703; Table 3C), all five 
health and function measures were significant in Model 2 
with similar effect sizes as seen in Model 1. Additionally, 
working pre-pandemic (β = 4.00; 0.17, 7.84) and more 
days walking pre-pandemic (β = 1.09; 0.33, 1.85) were 
associated with higher mid-pandemic SF-36 scores (less 
fatigue). Higher pre-pandemic computer time (β = -1.13; 
-2.08, -0.18) and more pre-pandemic sleep disturbance 
(β = -0.53; -0.71, -0.35) were associated with lower SF-36 
scores (more fatigue). No associations were seen in either 
model for other predictors.

Pre- and mid-pandemic levels of depressive symptoms, 
social support, and fatigue were only moderately cor-
related (r = 0.60, r = 0.65, and r = 0.67, respectively). A 
correlation matrix of all independent variables used in 
modeling can be found in Supplemental Table 5. Correla-
tions were low for all variable pairs, with the exception of 
marital status and living arrangement (r = 0.81, VIF = 3.4 
and 3.5, respectively). VIF for all variables were all < 5, the 
common suggested cut-off for concern in all models [59, 
60]. In sensitivity analyses using robust standard errors 
we note that the width of the 95% CI were very similar for 
each of the three outcome models (results not shown). 
Sensitivity analyses adjusting for pre-pandemic levels 
of each outcome of interest largely attenuated observed 
associations (results available in Supplemental Table 4).

Qualitative findings
Qualitative results, derived from quantitative findings 
described above, are summarized in Table  4 along with 
supporting quotations.

Depressive symptoms
Qualitative findings were similar between men and 
women. In many cases, participants reported depres-
sion and other mental health issues attributed to cir-
cumstances other than the pandemic (e.g., loss/grief, 
non-COVID health conditions, political/social events). 
Participants often linked poorer sleep quality with 
depressive symptoms. Comments related to depressive 

Table 2 Comparison of unadjusted pre‑pandemic and pandemic sample means of behavioral predictors and outcomes of  interest1

Abbreviations: SD standard deviation, PROMIS Patient‑Reported Outcomes Measurement Information System, ISEL Interpersonal Support Evaluation List, CES-D Center 
for Epidemiologic Studies Depression, and SF‑36 Rand 36‑item Short Form
1 The included N in each summary varies from the total of N = 896 due to missingness in each variable from skipped or incomplete survey items. The number missing 
for each measure is as follows: total daily sitting n = 48; daily tv time n = 20; daily computer time n = 23; days briskly walking n = 48; sleep disturbance n = 22; ISEL 
n = 46; CES‑D n = 24; SF‑36 n = 9
2 p‑values derived from a paired t‑test (continuous) of pre‑ vs. mid‑pandemic self‑reported measures of each item. P < 0.05 was considered statistically significant
3 Self‑reported time was reported in categorical variables by approximate number of total hours (h) (e.g. 1–2 h, 2–3 h, etc.) and transformed to an approximate total 
number of hours by assigning the midpoint of the chosen range. More details available in the Methods section.

Pre‑Pandemic Mid‑Pandemic Post–Pre Change p‑value2

mean (SD) mean (SD) mean (SD)

Age (years) 77.2 (6.6) 80.2 (6.6) N/A N/A

Daily Total Sitting Time (h)3 7.9 (2.9) 7.4 (3.0) ‑0.5 (3.1)  < 0.0001

Daily TV time (h)3 2.6 (1.7) 3.0 (2.0) 0.4 (1.8)  < 0.0001

Daily Computer Time (h)3 1.9 (1.6) 2.3 (1.8) 0.4 (1.7)  < 0.0001

Days/week Walking for Exercise 1.6 (1.9) 0.7 (1.3) ‑0.6 (1.8)  < 0.0001

Sleep Disturbance (PROMIS T‑score) 46.7 (8.0) 53.4 (7.9) 6.7 (6.5)  < 0.0001

Social Support Scale (ISEL) Score 22.7 (2.0) 21.4 (2.9) ‑1.3 (2.2)  < 0.0001

Depressive Symptoms (CES‑D 10‑item Score) 3.7 (4.1) 5.2 (4.9) 1.5 (4.1)  < 0.0001

Energy/Fatigue (SF‑36 sub‑scale score) 62.3 (17.5) 57.4 (19.9) ‑5.0 (15.3)  < 0.0001
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symptoms and computer usage focused primarily on 
computer usage for exercise and social connection and 
did not directly address computer usage pre-pandemic.

Social support
Reports of lost in-person connection with friends, fam-
ily, and community were common among both men and 
women respondents. Some comments suggested, how-
ever, that men may have had lower social support prior 
to the pandemic. Support from a partner/spouse was fre-
quently cited in participant responses as a major source 
of connection, supporting quantitative findings.

Fatigue
Poor quality sleep or interrupted sleep from ongoing 
health issues (e.g., chronic conditions or severe illness 
treatment), stress, and other causes were clearly sup-
ported by the free text responses as drivers of daytime 
fatigue. Many participants discussed changes in physi-
cal activity and walking patterns, often attributed to 
sleep difficulty and daytime pain and fatigue. Some par-
ticipants reported decreases in physical activity (e.g., no 
longer going to the gym or attending exercise classes), 
while others reported increases in overall activity or 
replacement activities (e.g., walking, gardening, cycling).

Table 3 Demographic, health, and lifestyle predictors of pandemic depressive symptoms, social support and fatigue (Model 2)

Abbreviations: CES-D Center for Epidemiologic Studies Depression [49, 50], ISEL Interpersonal Support Evaluation List [51], SF-36 Rand 36‑item Short Form [52, 53], 
BMI body mass index, CCI Charlson Comorbidity Index [35, 36], ADLs activities of daily living, IADLs instrumental activities of daily living [37–41], h hours, y years
1 Variables were centered at the sample mean value for modeling to allow interpretation of the intercept values at those sample means. Centering values are as 
follows: age=77.17746 years, years education=17.08817, BMI=27.06915, CCI= 0.9731308 , pre‑pandemic total sitting=7.893868, pre‑pandemic TV time=2.592466, 
pre‑pandemic computer time=1.851947,  pre‑pandemic walking=1.558962, and pre‑pandemic sleep disturbance=46.78341
2 Participants identifying as Black, Asian, or other race groups were grouped and compared with White participants for modeling purposes due to small sample size in 
individual race categories
3 Self‑reported time was reported in categorical variables by approximate number of total hours (h) (e.g., 1‑2 h, 2‑3 h, etc.) and transformed to an approximate total 
number of hours as described in the methods section
4 Higher scores on the SF‑36 denote more favorable health states. Here, higher scores indicate less fatigue (more energy).

A. Pandemic Depressive 
Symptoms (CES‑D)
N = 691

B. Pandemic Social Support 
(ISEL)
N = 675

C. Pandemic Fatigue4 (SF‑36)
N = 703

β 95% CI β 95% CI β 95% CI

DEMOGRAPHIC FACTORS
 Pre‑pandemic Age (y)1 ‑0.03 ‑0.09 0.03 0.04 0.00 0.08 ‑0.13 ‑0.37 0.12

 Male Sex (vs. female) ‑0.71 ‑1.40 ‑0.02 ‑0.51 ‑0.97 ‑0.06 2.44 ‑0.44 5.33

 Black, Asian, Other race (vs. White)2 ‑0.56 ‑1.64 0.52 ‑0.25 ‑0.96 0.47 2.96 ‑1.54 7.46

 Hispanic Ethnicity (vs. not) 1.32 ‑1.29 3.93 0.27 ‑1.54 2.08 ‑7.47 ‑18.51 3.58

 Years Education1 0.11 ‑0.03 0.25 0.00 ‑0.09 0.09 ‑0.25 ‑0.83 0.34

 Currently Work for Pay (vs. not) ‑0.86 ‑1.78 0.05 ‑0.10 ‑0.70 0.51 4.00 0.17 7.84
 Married/Partnered (vs. not) ‑0.67 ‑1.92 0.57 0.84 0.00 1.68 ‑1.46 ‑6.69 3.77

 Live Alone (vs. live with others) ‑0.22 ‑1.48 1.03 0.28 ‑0.56 1.13 ‑0.99 ‑6.25 4.27

HEALTH FACTORS
 Body Mass Index (kg/m2) 0.01 ‑0.06 0.07 0.01 ‑0.04 0.05 ‑0.32 ‑0.60 ‑0.03
 Charlson Comorbidity Index 0.20 ‑0.03 0.43 ‑0.03 ‑0.19 0.12 ‑1.15 ‑2.13 ‑0.18
 Ever Smoker (vs. never) 2.20 0.93 3.47 ‑1.08 ‑1.92 ‑0.24 ‑6.89 ‑12.21 ‑1.57
 Number ADLs with difficulty 0.34 ‑0.31 0.98 ‑0.13 ‑0.56 0.30 ‑3.08 ‑5.74 ‑0.42
 Number IADLs with difficulty 0.27 ‑0.40 0.93 0.14 ‑0.31 0.58 ‑3.71 ‑6.49 ‑0.92
LIFESTYLE BEHAVIORS
 Pre‑Pandemic Total Daily sitting (h)1,3 ‑0.05 ‑0.17 0.07 ‑0.04 ‑0.12 0.04 0.04 ‑0.47 0.55

 Pre‑Pandemic TV time (h)1,3 0.06 ‑0.15 0.27 ‑0.11 ‑0.24 0.03 ‑0.80 ‑1.68 0.07

 Pre‑Pandemic Computer Time (h)1,2 0.27 0.04 0.49 ‑0.07 ‑0.22 0.08 ‑1.13 ‑2.08 ‑0.18
 Pre‑Pandemic Walking (days)1 ‑0.07 ‑0.25 0.11 0.02 ‑0.10 0.14 1.09 0.33 1.85
 Pre‑Pandemic Sleep Disturbance1 (T‑score) 0.19 0.15 0.23 ‑0.04 ‑0.07 ‑0.01 ‑0.53 ‑0.71 ‑0.35
 Survey month 0.07 ‑0.30 0.43 0.14 ‑0.11 0.38 ‑0.01 ‑1.56 1.53

 Constant 5.41 3.32 7.51 20.61 19.21 22.01 58.84 50.08 67.61
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Notably, while not directly related to our measures 
of interest, many participants also mentioned feelings 
of stress and anxiety related to news consumption and 
worry about the US political climate and national cur-
rent events ongoing concurrently with the pandemic. 
The comments provided little contextual data regarding 
the relationships between fatigue and computer time or 
retirement status, sleep and social support, or smoking 
behaviors.

Discussion
Here, we explored changes in self-reported lifestyle 
behaviors and mental health and wellbeing outcomes for 
a sample of older adults between pre-pandemic and a 
mid-pandemic follow-up. Increases in sedentary behav-
iors, sleep disturbance, fatigue, and depressive symptoms 
and decreases in physical activity and social support 
were noted in this sample over a year into the pandemic 
period. Additionally, we used a mixed methods approach 
to explore predictors of better mental health and well-
being at mid-pandemic, elucidating a number both 
modifiable and non-modifiable characteristics that may 
contribute to older adult resilience during stressor events 
like the COVID-19 pandemic.

In fully adjusted models, being male, never smok-
ing, and having lower pre-pandemic computer time 
and sleep disturbance were significantly associated with 
lower depressive symptoms approximately 1 year into 
the pandemic period. This suggests that these traits and 
behaviors may have promoted resilience to depressive 
symptoms during the COVID-19 pandemic. Findings 
for gender, smoking, and sleep align with known corre-
lates of depression in older adults outside the pandemic 
setting [61–63]. The findings for associations between 
sleep and depression were corroborated by our qualita-
tive data. Associations of better sleep quality [7, 25] and 
male gender [25, 64] with lower depressive symptoms are 
consistent with cross-sectional studies from more acute 
phases of pandemic restrictions. Physical activity and 
TV time predictors observed as significant in Robbins 
et  al., were notably not significant here. Future studies 
with more sensitive measurements of these behaviors are 
warranted.

Our finding that lower pre-pandemic computer time 
was protective against depressive symptoms runs coun-
ter to some non-pandemic literature among older adults 
that suggests that greater use of technology promotes 
social engagement and is associated with lower depres-
sive symptoms [65]. Counter to the modeling results, 
qualitative findings suggested increased and new types of 
computer usage in this sample during the pandemic and 
emphasized participant perception of this digital con-
nection as a lifeline of connection to social ties, exercise, 

and daily tasks, although some participants also noted its 
inadequacy relative to in-person socialization. It is pos-
sible that higher pre-pandemic computer time as meas-
ured here may be reflective of more news consumption 
(a stressor repeatedly noted qualitatively in our sample) 
or other unmeasured factors. Future exploration of this 
finding is needed.

Being married or partnered, female, a never-smoker, 
and having lower pre-pandemic sleep disturbance were 
associated with a more social support mid-pandemic. It 
is well documented in the aging literature that women 
report higher social support on average than men outside 
the pandemic context [66]. Similarly, living with a spouse 
or partner is a primary source of social support among 
many older adults, with married/partnered older adults 
typically reporting higher social support than those who 
are unmarried, widowed, or divorced [67]. Some evi-
dence has suggested that being married or partnered may 
confer specific types of social support that help mitigate 
behaviors such as rumination, and this support may be 
associated with better sleep quality [68]. More broadly, 
growing evidence has linked better sleep quality with 
social support across settings, though this relationship 
and potential underlying mechanisms are not well under-
stood [69]. Our findings that both being partnered and 
having better pre-pandemic sleep quality were associated 
with more perceived pandemic social support may be 
interrelated and warrant further exploration. Qualitative 
findings generally supported these quantitative findings. 
However, for a small subset of participants dealing with 
stressors in their home or marriage, such as a spouse with 
a severe illness, less access to external social supports due 
to the pandemic may have added stress rather than being 
supportive. Similar phenomena have been documented 
elsewhere in the pandemic literature [70, 71], and future 
studies of the relationship between marital status and 
social support during periods of isolation should con-
sider collecting discrete measures of such stressors.

Better health, higher physical function, working for 
pay (versus being retired), more walking, less computer 
time, and lower sleep disturbance pre-pandemic were 
all associated with less fatigue mid-pandemic, suggest-
ing promotion of resilience. For older adults outside the 
pandemic context, poorer health, less physical activ-
ity and more interrupted or disturbed sleep are all well 
documented contributors to daytime fatigue in older 
adults [72]. Less evidence is available for the relation-
ship between retirement status and fatigue outside the 
pandemic, though one study suggested that retirement 
may promote decreased fatigue, particularly for older 
adults with chronic conditions [73]. This is counter to our 
finding that working prior to the pandemic was associ-
ated with less pandemic fatigue. Based on findings in the 
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qualitative data, this difference could be driven by the 
pandemic-related acute loss of daily structure and social 
interaction, factors that have been linked to resiliency 
in physical health and quality of life outside of the pan-
demic setting [74, 75], which may have been exaggerated 
for participants who no longer worked. Further investiga-
tion into the relationship between retirement status and 
fatigue in the context of community-level stressors, like 
the COVID-19 pandemic, is warranted.

Strengths & limitations
This study has several strengths. It leverages a large sam-
ple with longitudinal assessment of mental health, well-
being, and lifestyle behaviors, allowing within person 
comparison of pre-pandemic and mid-pandemic levels. 
Most studies of older adult pandemic impacts have been 
cross-sectional [7, 25]. The mid-pandemic measurements 
used in this study were collected more than 1 year into 
the pandemic period, much further into the pandemic 
than most current literature. As such the presented find-
ings may be more indicative of longer-term impacts of 
the COVID-19 pandemic. The collection and analysis 
of free text data from the ACT COVID survey provided 
unique context and insights to the presented quantitative 
findings.

This study has several important limitations. Gen-
eralizability of findings is limited by the overall demo-
graphic makeup of the ACT Study, which is largely 
Non-Hispanic White, highly educated, and residing 
in the Seattle, WA region. Generalizability is further 
limited due to survey non-response. Non-responders 
on average were older, less educated, and had more 
health and physical limitations. Furthermore, pan-
demic responses and societal impacts varied greatly by 
geographic locations within the US and between coun-
tries, and our sample is drawn from a single urban area 
of the US. Findings should be interpreted with caution 
and may represent the experience of highly educated, 
healthy, and Non-Hispanic White older adults from 
the Seattle, WA area. Another important limitation 
is the use of self-reported sleep, physical activity, and 
sedentary behavior measures, which are known to be 
less accurate than objective, device-based measures 
[76, 77]. Furthermore, while data collection for pre-
pandemic lifestyle behaviors was via self-administered 
paper survey, data collection mode for mental health 
outcomes varied between pre-pandemic (face-to-face 
interview) and mid-pandemic (self-administered online 
or staff-administered phone survey) measurement. This 
introduces the possibility of bias due to differential 
mode of administration [78]; however, similar meas-
ures of health-related quality of life have been shown 
to be relatively robust to mode bias [79]. Given known 

discrepancies between objective and self-report activ-
ity data, future analyses that use objective measures of 
these behaviors, particularly in combination with more 
detailed self-assessments of activities (e.g., TV time, 
computer time, etc.) are needed to fully understand 
the relationship between these behaviors and resil-
ience during times of societal stress and social isolation 
[80–82].

Conclusions
Overall, these findings suggest several demographic, 
health, and lifestyle behaviors that may be protective 
against depressive symptoms, loss of social support, and 
fatigue during stressor events, like the COVID-19 pan-
demic. Due to the impacts of climate change and associ-
ated changes in land use and subsequent zoonotic disease 
spillover events, epidemic models predict the world may 
experience pandemic events at a higher frequency than 
we have historically [83, 84]. Demographic and health-
related predictors explored here, such as gender, marital 
and retirement status, and health and function-related 
indicators may help researchers and public health pro-
fessionals identify older adult subgroups most suscepti-
ble to harm from such events, allowing for more targeted 
outreach and support. For instance, being female and 
married/partnered were associated with resilience in 
pandemic social support, suggesting males and unpart-
nered individuals may particularly benefit from more 
social support resources in general, but particularly dur-
ing future pandemic or other community-level stressor 
events. Similarly, modifiable lifestyle behaviors, such as 
sleep, computer usage, and physical activity could be lev-
eraged as part of active coping strategies, previously asso-
ciated with resilience to stress [85], and may represent 
important targets for intervention both before and dur-
ing future community-level stressor events. For instance, 
interventions promoting improved sleep quality may 
support resilience across all three outcomes explored 
here during a future stressor event. Interventions tar-
geting increased physical activity and decreased seden-
tary activities, like seated computer usage, may also be 
important targets for promoting resilience to fatigue and 
depressive symptoms. Future research further exploring 
these relationships and testing potential interventions 
targeting these modifiable behaviors is warranted.

Abbreviations
ACT   Adult Changes in Thought Study
ADLs  Activities of daily living
BMI  Body mass index
CCI  Charlson Comorbidity Index
CES‑D  Center for Epidemiologic Studies Depression
CHAMPS  Community Healthy Activities Model Program for Seniors
h  hours
IADLs  Instrumental activities of daily living
ISEL  Interpersonal Support Evaluation List,



Page 14 of 16Greenwood‑Hickman et al. BMC Geriatrics          (2024) 24:676 

KPWA  Kaiser Permanente Washignton
PROMIS  Patient‑Reported Outcomes Measurement Information System
SD  Standard deviation
SF‑36  Rand 36‑item Short Form

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12877‑ 024‑ 05251‑3.

Supplementary Material 1. Supplemental Tables. Includes four supplemen‑
tal tables supporting the analysis: 1) a table displaying search terms used 
in the qualitative analysis, 2) a table displaying demographic characteris‑
tics for the complete case sample used in each model, 3) modeling results 
from Model 1, adjusted only for demographic and health characteristics, 
and 4) results from a sensitivity analysis repeating fully adjusted models, 
additionally adjusting for baseline pre‑pandemic levels of the outcome 
measures of interest.

Acknowledgements
We thank the participants of the Adult Changes in Thought (ACT) study for 
the data they have provided and the many ACT investigators and staff who 
steward that data. You can learn more about ACT at: https:// actag ingst udy. 
org/

Authors’ contributions
MAGH, LNS, PKC, LBH, AZL, SMM, PAS, and DER conceptualized the analysis 
and contributed to study design. MAGH, PKC, AZL, DER, SC, KRJ, and LGL 
contributed to the acquisition of the study data. MAGH and LNS analyzed the 
study data. LGL prepared Fig. 1. MAGH led the original draft and writing of the 
manuscript. All co‑authors contributed to the interpretation of analysis results 
and to the development and revision of the final manuscript.

Funding
This research was funded by the National Institute on Aging (U19AG066567). 
Data collection for this work was additionally supported, in part, by prior fund‑
ing from the National Institute on Aging (U01AG006781). All statements in this 
report, including its findings and conclusions, are solely those of the authors 
and do not necessarily represent the views of the National Institute on Aging 
or the National Institutes of Health.

Availability of data and materials
Data from this analysis cannot be made publicly available for ethical and legal 
reasons. In order to replicate our findings, a researcher may need access to 
personal health identifiers (PHI) including dates of birth and death and ages 
over 89 years. These are required variables for the analysis, and we cannot 
publicly release this information without IRB approval and a Data Use Agree‑
ment with interested researchers. However, the datasets used and/or analyzed 
in the current study are available upon reasonable request and execution of 
appropriate human subjects review and data sharing agreements by follow‑
ing the process described on the Adult Changes in Thought (ACT) website: 
actagingresearch.org.

Declarations

Ethics approval and consent to participate
Study procedures were approved by the Kaiser Permanente Interregional 
Institutional Review Board (IRBNet #1730643 and 821300), and all research 
was performed in accordance with the relevant guidelines and regulations. 
Participants provided written informed consent.

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Author details
1 Kaiser Permanente Washington Health Research Institute, 1730 Minor Ave, 
Ste. 1360, Seattle, WA 98101, USA. 2 Department of Medicine, University 
of Washington, Seattle, WA, USA. 3 Department of Epidemiology, University 
of Washington, 1959 NE Pacific Street, Seattle, WA 98195, USA. 4 Department 
of Health Systems Science, Kaiser Permanente Bernard J. Tyson School of Med‑
icine, 98 S. Los Robles Ave, Pasadena, CA 91101, USA. 5 Herbert Wertheim 
School of Public Health and Human Longevity Science, University of California 
San Diego, 9500 Gilman Dr, La Jolla, CA 92093, USA. 6 School of Nursing, Uni‑
versity of Washington, 1959 NE Pacific Street, Seattle, WA 98195, USA. 

Received: 2 June 2023   Accepted: 26 July 2024

References
 1. Centers for Disease Control and Prevention. COVID‑19 risks and vaccine 

information for older adults. 2021. Available from: https:// www. cdc. gov/ 
coron avirus/ 2019‑ ncov/ need‑ extra‑ preca utions/ older‑ adults. html.

 2. Centers for Disease Control and Prevention. Loneliness and social isola‑
tion linked to serious health conditions. 2021. Available from: https:// 
www. cdc. gov/ aging/ publi catio ns/ featu res/ lonely‑ older‑ adults. html.

 3. Harvey JA, Chastin SF, Skelton DA. Prevalence of sedentary behavior 
in older adults: a systematic review. Int J Environ Res Public Health. 
2013;10(12):6645–61.

 4. Copeland JL, Clarke J, Dogra S. Objectively measured and self‑reported 
sedentary time in older Canadians. Preventive Med Rep. 2015;2:90–5.

 5. Palmer K, Monaco A, Kivipelto M, Onder G, Maggi S, Michel JP, et al. The 
potential long‑term impact of the COVID‑19 outbreak on patients with 
non‑communicable diseases in Europe: consequences for healthy age‑
ing. Aging Clin Exp Res. 2020;32(7):1189–94.

 6. Silva C, Fonseca C, Ferreira R, Weidner A, Morgado B, Lopes MJ, et al. 
Depression in older adults during the COVID‑19 pandemic: a systematic 
review. J Am Geriatr Soc. 2023;71(7):2308–25.

 7. Robbins R, Weaver MD, Czeisler ME, Barger LK, Quan SF, Czeisler CA. Asso‑
ciations between changes in daily behaviors and self‑reported feelings 
of depression and anxiety about the COVID‑19 pandemic among older 
adults. J Gerontol B Psychol Sci Soc Sci. 2022;77(7):e150–9.

 8. Khubchandani J, Sharma S, Webb FJ, Wiblishauser MJ, Bowman SL. 
Post‑lockdown depression and anxiety in the USA during the COVID‑19 
pandemic. J Public Health (Oxf ). 2021;43(2):246–53.

 9. van Tilburg TG. Emotional, social, and existential loneliness before and 
during the COVID‑19 pandemic: prevalence and risk factors among 
dutch older adults. J Gerontol B Psychol Sci Soc Sci. 2022;77(7):e179–84.

 10. Peng S, Roth AR. Social isolation and loneliness before and during the 
COVID‑19 pandemic: a longitudinal study of U.S. Adults older than 50. J 
Gerontol B Psychol Sci Soc Sci. 2022;77(7):e185–90.

 11. Vlachantoni A, Evandrou M, Falkingham J, Qin M. The impact of changing 
social support on older persons’ onset of loneliness during the COVID‑19 
pandemic in the United Kingdom. Gerontologist. 2022;62(8):1147–59.

 12. Fuller HR, Huseth‑Zosel A, Hofmann B, Van Vleet B, Kinkade E, Carlson SL, 
et al. Shifts in older adults’ social connections throughout the initial year 
of the COVID‑19 pandemic. Gerontologist. 2022;62(8):1160–72.

 13. Greenwood‑Hickman MA, Dahlquist J, Cooper J, Holden E, McClure JB, 
Mettert KD, et al. “They’re Going to Zoom It”: a qualitative investigation 
of impacts and coping strategies during the COVID‑19 pandemic among 
older adults. Front Public Health. 2021;9:679976.

 14. Abrams LR, Finlay JM, Kobayashi LC. Job transitions and mental health 
outcomes among U.S. adults aged 55 and older during the COVID‑19 
pandemic. J Gerontol B Psychol Sci Soc Sci. 2022;77(7):e106–16.

 15. VoPham T, Harris HR, Tinker LF, Manson JE, Meliker JR, Wassertheil‑Smoller 
S, et al. The impact of the COVID‑19 pandemic on older women in the 
women’s health initiative. J Gerontol A Biol Sci Med Sci. 2022;77(Suppl 
1):S3‑12.

 16. Greenwood‑Hickman MA, Zhou J, Cook A, Mettert KD, Green B, McClure 
J, et al. Exploring differences in older adult accelerometer‑measured 
sedentary behavior and resting blood pressure before and during the 
COVID‑19 pandemic. Gerontol Geriatr Med. 2022;8:23337214221096010.

 17. Fernández‑García ÁI, Marin‑Puyalto J, Gómez‑Cabello A, Matute‑Llorente 
Á, Subías‑Perié J, Pérez‑Gómez J, et al. Impact of the home confinement 

https://doi.org/10.1186/s12877-024-05251-3
https://doi.org/10.1186/s12877-024-05251-3
https://actagingstudy.org/
https://actagingstudy.org/
https://www.cdc.gov/coronavirus/2019-ncov/need-extra-precautions/older-adults.html
https://www.cdc.gov/coronavirus/2019-ncov/need-extra-precautions/older-adults.html
https://www.cdc.gov/aging/publications/features/lonely-older-adults.html
https://www.cdc.gov/aging/publications/features/lonely-older-adults.html


Page 15 of 16Greenwood‑Hickman et al. BMC Geriatrics          (2024) 24:676  

related to covid‑19 on the device‑assessed physical activity and seden‑
tary patterns of Spanish older adults. Biomed Res Int. 2021;2021:5528866.

 18. Browne RAV, Macêdo GAD, Cabral LLP, Oliveira GTA, Vivas A, Fontes EB, 
et al. Initial impact of the COVID‑19 pandemic on physical activity and 
sedentary behavior in hypertensive older adults: an accelerometer‑based 
analysis. Exp Gerontol. 2020;142:111121.

 19. Polenick CA, Daniel NR, Perbix EA. Factors associated with sleep distur‑
bances related to the COVID‑19 pandemic among older adults with 
chronic conditions. Am J Geriatr Psychiatry. 2021;29(11):1160–5.

 20. Cordeiro CR, Pestana PC, Corte‑Real B, Novais F. Long time, no sleep: sleep 
in older adults during the COVID‑19 pandemic. Prim Care Companion 
CNS Disord. 2022;24(3):41259.

 21. Lee H, Lee JA, Brar JS, Rush EB, Jolley CJ. Physical activity and depressive 
symptoms in older adults. Geriatr Nurs. 2014;35(1):37–41.

 22. Zhou Q, Guo C, Yang X, He N. Dose‑response association of total seden‑
tary behaviour and television watching with risk of depression in adults: a 
systematic review and meta‑analysis. J Affect Disord. 2023;324:652–9.

 23. Kay DB, Dzierzewski JM. Sleep in the context of healthy aging and psychi‑
atric syndromes. Sleep Med Clin. 2015;10(1):11–5.

 24. Webb CA, Cui R, Titus C, Fiske A, Nadorff MR. Sleep disturbance, activities 
of daily living, and depressive symptoms among older adults. Clin Geron‑
tol. 2018;41(2):172–80.

 25. Amerio A, Stival C, Lugo A, Fanucchi T, d’Oro LC, Iacoviello L, et al. 
COVID‑19 pandemic impact on mental health in a large representative 
sample of older adults from the Lombardy region. Italy J Affect Disord. 
2023;325:282–8.

 26. Washington State Department of Corrections. COVID‑19 significant event 
timeline Olympia, WA. 2023. Available from: https:// www. doc. wa. gov/ 
corre ctions/ covid‑ 19/ timel ine. htm.

 27. King County, WA. Summary of COVID‑19 vaccination among King County 
residents. 2023. Available from: https:// kingc ounty. gov/ depts/ health/ 
covid‑ 19/ data/ vacci nation. aspx.

 28. Centers for Disease Control and Prevention. CDC museum COVID‑19 
timeline. 2023. Available from: https:// www. cdc. gov/ museum/ timel ine/ 
covid 19. html.

 29. Carroll M, KING 5 Staff. Timeline of Washington COVID‑19 restrictions: 
Gov. Inslee issued first stay‑home order 1 year ago. 2021. Available from: 
https:// www. krem. com/ artic le/ news/ health/ coron avirus/ timel ine‑ washi 
ngton‑ gover nor‑ inslee‑ issued‑ stay‑ home‑ order‑ one‑ year‑ ago/ 293‑ cd547 
cb3‑ 1e87‑ 40c9‑ 9e62‑ d5ae1 e4c53 1f.

 30. Washington State Department of Health. COVID‑19 data dashboard. 
2023. Available from: https:// doh. wa. gov/ data‑ and‑ stati stical‑ repor ts/ 
disea ses‑ and‑ chron ic‑ condi tions/ commu nicab le‑ disea se‑ surve illan ce‑ 
data/ respi ratory‑ illne ss‑ data‑ dashb oard.

 31. Larson EB, Wang L, Bowen JD, McCormick WC, Teri L, Crane P, et al. Exer‑
cise is associated with reduced risk for incident dementia among persons 
65 years of age and older. Ann Intern Med. 2006;144(2):73–81.

 32. Kukull WA, Higdon R, Bowen JD, McCormick WC, Teri L, Schellenberg GD, 
et al. Dementia and Alzheimer disease incidence: a prospective cohort 
study. Arch Neurol. 2002;59(11):1737–46.

 33. Crane PK, Gibbons LE, McCurry SM, McCormick W, Bowen JD, Sonnen 
J, et al. Importance of home study visit capacity in dementia studies. 
Alzheimers Dement. 2016;12(4):419–26.

 34. Rosenberg D, Walker R, Greenwood‑Hickman MA, Bellettiere J, Xiang Y, 
Richmire K, et al. Device‑assessed physical activity and sedentary behav‑
ior in a community‑based cohort of older adults. BMC Public Health. 
2020;20(1):1256.

 35. Charlson ME, Pompei P, Ales KL, MacKenzie CR. A new method of clas‑
sifying prognostic comorbidity in longitudinal studies: development and 
validation. J Chronic Dis. 1987;40(5):373–83.

 36. Deyo RA, Cherkin DC, Ciol MA. Adapting a clinical comorbidity index 
for use with ICD‑9‑CM administrative databases. J Clin Epidemiol. 
1992;45(6):613–9.

 37. McCurry SM, Gibbons LE, Bond GE, Rice MM, Graves AB, Kukull WA, et al. 
Older adults and functional decline: a cross‑cultural comparison. Int 
Psychogeriatr. 2002;14(2):161–79.

 38. Katz S, Akpom CA. A measure of primary sociobiological functions. Int J 
Health Serv. 1976;6(3):493–508.

 39. Branch LG, Katz S, Kniepmann K, Papsidero JA. A prospective study 
of functional status among community elders. Am J Public Health. 
1984;74(3):266–8.

 40. Rosow I, Breslau N. A Guttman health scale for the aged. J Gerontol. 
1966;21(4):556–9.

 41. Nagi SZ. An epidemiology of disability among adults in the United States. 
Milbank Mem Fund Q Health Soc. 1976;54(4):439–67.

 42. Stewart AL, Mills KM, King AC, Haskell WL, Gillis D, Ritter PL. CHAMPS 
physical activity questionnaire for older adults: outcomes for interven‑
tions. Med Sci Sports Exerc. 2001;33(7):1126–41.

 43. Stewart AL, Mills KM, Sepsis PG, King AC, McLellan BY, Roitz K, et al. 
Evaluation of CHAMPS, a physical activity promotion program for older 
adults. Annals of behavioral medicine : a publication of the Soc Behav 
Med. 1997;19(4):353–61.

 44. Rosenberg DE, Norman GJ, Wagner N, Patrick K, Calfas KJ, Sallis JF. Reli‑
ability and validity of the Sedentary Behavior Questionnaire (SBQ) for 
adults. J Phys Act Health. 2010;7(6):697–705.

 45. Rosenberg DE, Bellettiere J, Gardiner PA, Villarreal VN, Crist K, Kerr J. 
Independent associations between sedentary behaviors and mental, 
cognitive, physical, and functional health among older adults in retire‑
ment communities. J Gerontol A Biol Sci Med Sci. 2016;71(1):78–83.

 46. LaCroix AZ, Rillamas‑Sun E, Buchner D, Evenson KR, Di C, Lee IM, et al. 
The Objective Physical Activity and Cardiovascular Disease Health in 
Older Women (OPACH) study. BMC Public Health. 2017;17(1):192.

 47. Buysse DJ, Yu L, Moul DE, Germain A, Stover A, Dodds NE, et al. 
Development and validation of patient‑reported outcome meas‑
ures for sleep disturbance and sleep‑related impairments. Sleep. 
2010;33(6):781–92.

 48. Yu L, Buysse DJ, Germain A, Moul DE, Stover A, Dodds NE, et al. Devel‑
opment of short forms from the PROMIS sleep disturbance and Sleep‑
Related Impairment item banks. Behav Sleep Med. 2011;10(1):6–24.

 49. Andresen EM, Malmgren JA, Carter WB, Patrick DL. Screening for 
depression in well older adults: evaluation of a short form of the CES‑D 
(Center for Epidemiologic Studies Depression Scale). Am J Prev Med. 
1994;10(2):77–84.

 50. Mohebbi M, Nguyen V, McNeil JJ, Woods RL, Nelson MR, Shah RC, et al. 
Psychometric properties of a short form of the Center for Epidemio‑
logic Studies Depression (CES‑D‑10) scale for screening depressive 
symptoms in healthy community dwelling older adults. Gen Hosp 
Psychiatry. 2018;51:118–25.

 51. Cohen S, Mermelstein RJ, Kamarck TW, Hoberman HM. Measuring the 
functional components of social support. In: Sarason IG, Sarason BR, 
editors. Social Support: Theory, Research and Applications. NATO ASI 
Series, vol 24. Dordrecht: Springer; 1985.

 52. Ware JE Jr, Sherbourne CD. The MOS 36‑item short‑form health 
survey (SF‑36). I. Conceptual framework and item selection. Med Care. 
1992;30(6):473–83.

 53. RAND Corporation. 36‑Item Short Form Survey (SF‑36) scoring instruc‑
tions Santa Montica, California. 2023. Available from: https:// www. rand. 
org/ health‑ care/ surve ys_ tools/ mos/ 36‑ item‑ short‑ form/ scori ng. html.

 54. Creswell JW, Plano Clark VL. Designing and conducting mixed methods 
research. SAGE Publications: Inc; 2017. p. 520.

 55. Hussein A. The use of triangulation in social sciences research: 
can qualitative and quantitative methods be combined? JCSW. 
2009;4(1):106–17.

 56. Curry LA, Krumholz HM, O’Cathain A, Clark VLP, Cherlin E, Bradley EH. 
Mixed Methods in Biomedical and Health Services Research. Circula‑
tion: Cardiovas Qual Outcomes. 2013;6(1):119–23.

 57. Zhang W, Creswell J. The use of “mixing” procedure of mixed methods 
in health services research. Med Care. 2013;51(8):e51–7.

 58. Palinkas LA, Aarons GA, Horwitz S, et al. Mixed method designs in 
implementation research. Adm Policy Ment Health. 2011;38:44–53.

 59. Kleinbaum D, Kupper L, Muller K, Nizam A. Applied regression analysis 
and other multivariable methods. Belmont, CA: Duxbury Press; 1988.

 60. James G, Witten D, Hastie T, Tibshirani R. An introduction to statistical 
learning: with applications in R. New York: Springer; 2013.

 61. Almeida OP, Pfaff JJ. Depression and smoking amongst older general 
practice patients. J Affect Disord. 2005;86(2–3):317–21.

 62. Almeida OP, Pfaff JJ. Sleep complaints among older general 
practice patients: association with depression. Br J Gen Pract. 
2005;55(520):864–6.

 63. Girgus JS, Yang K, Ferri CV. The Gender Difference in Depression: Are 
Elderly Women at Greater Risk for Depression Than Elderly Men? Geriat‑
rics (Basel). 2017;2(4):35. https:// doi. org/ 10. 3390/ geria trics 20400 35.

https://www.doc.wa.gov/corrections/covid-19/timeline.htm
https://www.doc.wa.gov/corrections/covid-19/timeline.htm
https://kingcounty.gov/depts/health/covid-19/data/vaccination.aspx
https://kingcounty.gov/depts/health/covid-19/data/vaccination.aspx
https://www.cdc.gov/museum/timeline/covid19.html
https://www.cdc.gov/museum/timeline/covid19.html
https://www.krem.com/article/news/health/coronavirus/timeline-washington-governor-inslee-issued-stay-home-order-one-year-ago/293-cd547cb3-1e87-40c9-9e62-d5ae1e4c531f
https://www.krem.com/article/news/health/coronavirus/timeline-washington-governor-inslee-issued-stay-home-order-one-year-ago/293-cd547cb3-1e87-40c9-9e62-d5ae1e4c531f
https://www.krem.com/article/news/health/coronavirus/timeline-washington-governor-inslee-issued-stay-home-order-one-year-ago/293-cd547cb3-1e87-40c9-9e62-d5ae1e4c531f
https://doh.wa.gov/data-and-statistical-reports/diseases-and-chronic-conditions/communicable-disease-surveillance-data/respiratory-illness-data-dashboard
https://doh.wa.gov/data-and-statistical-reports/diseases-and-chronic-conditions/communicable-disease-surveillance-data/respiratory-illness-data-dashboard
https://doh.wa.gov/data-and-statistical-reports/diseases-and-chronic-conditions/communicable-disease-surveillance-data/respiratory-illness-data-dashboard
https://www.rand.org/health-care/surveys_tools/mos/36-item-short-form/scoring.html
https://www.rand.org/health-care/surveys_tools/mos/36-item-short-form/scoring.html
https://doi.org/10.3390/geriatrics2040035


Page 16 of 16Greenwood‑Hickman et al. BMC Geriatrics          (2024) 24:676 

 64. Zheng F, Li C, Hua R, Liang J, Gao D, Xie W. Sex differences in changes of 
depressive symptoms among older adults before and during the COVID‑
19 pandemic: evidence from two longitudinal cohorts. BMC Geriatr. 
2023;23(1):64.

 65. Kim J, Lee HY, Won CR, Barr T, Merighi JR. Older adults’ technology use and its 
association with health and depressive symptoms: findings from the 2011 
National Health and aging trends study. Nurs Outlook. 2020;68(5):560–72.

 66. Antonucci TC, Akiyama H. An examination of sex differences in social sup‑
port among older men and women. Sex Roles. 1987;17(11):737–49.

 67. Stokes JE, Moorman SM. Influence of the social network on married and 
unmarried older adults’ mental health. Gerontologist. 2018;58(6):1109–13.

 68. Marini CM, Wilson SJ, Nah S, Martire LM, Sliwinski MJ. Rumination and 
sleep quality among older adults: examining the role of social support. J 
Gerontol B Psychol Sci Soc Sci. 2021;76(10):1948–59.

 69. Seo S, Mattos MK. The relationship between social support and sleep 
quality in older adults: a review of the evidence. Arch Gerontol Geriatr. 
2024;117:105179.

 70. Piquero AR, Jennings WG, Jemison E, Kaukinen C, Knaul FM. Domestic 
violence during the COVID‑19 pandemic ‑ evidence from a systematic 
review and meta‑analysis. J Crim Justice. 2021;74:101806.

 71. Tam MT, Dosso JA, Robillard JM. The impact of a global pandemic on 
people living with dementia and their care partners: analysis of 417 lived 
experience reports. J Alzheimers Dis. 2021;80(2):865–75.

 72. Yu DS, Lee DT, Man NW. Fatigue among older people: a review of the 
research literature. Int J Nurs Stud. 2010;47(2):216–28.

 73. Vanajan A, Bültmann U, Henkens K. Who benefits in vitality after 
retirement? Findings from a 3‑year panel study. Innov Aging. 
2020;4(Supplement_1):464.

 74. Lem K, McGilton KS, Aelick K, Iaboni A, Babineau J, Hewitt Colborne D, 
et al. Social connection and physical health outcomes among long‑term 
care home residents: a scoping review. BMC Geriatr. 2021;21(1):722.

 75. O’Conor R, Benavente JY, Kwasny MJ, Eldeirawi K, Hasnain‑Wynia R, Federman 
AD, et al. Daily routine: associations with health status and urgent health care 
utilization among older adults. Gerontologist. 2019;59(5):947–55.

 76. Girschik J, Fritschi L, Heyworth J, Waters F. Validation of self‑reported sleep 
against actigraphy. J Epidemiol. 2012;22(5):462–8.

 77. Celis‑Morales CA, Perez‑Bravo F, Ibanez L, Salas C, Bailey ME, Gill JM. 
Objective vs. self‑reported physical activity and sedentary time: effects 
of measurement method on relationships with risk biomarkers. PloS one. 
2012;7(5):e36345.

 78. Cook C. Mode of administration bias. J Man Manip Ther. 2010;18(2):61–3.
 79. Weinberger M, Oddone EZ, Samsa GP, Landsman PB. Are health‑related 

quality‑of‑life measures affected by the mode of administration? J Clin 
Epidemiol. 1996;49(2):135–40.

 80. Copeland JL, Ashe MC, Biddle SJ, Brown WJ, Buman MP, Chastin S, et al. 
Sedentary time in older adults: a critical review of measurement, associa‑
tions with health, and interventions. Br J Sports Med. 2017;51(21):1539.

 81. LaMonte MJ, Lee I‑M, Rillamas‑Sun E, Bellettiere J, Evenson KR, Buchner 
DM, et al. Comparison of Questionnaire and Device Measures of Physi‑
cal Activity and Sedentary Behavior in a Multi‑Ethnic Cohort of Older 
Women. 2019;2(2):82.

 82. Jefferis BJ, Sartini C, Ash S, Lennon LT, Wannamethee SG, Whincup PH. Validity 
of questionnaire‑based assessment of sedentary behaviour and physical activ‑
ity in a population‑based cohort of older men; comparisons with objectively 
measured physical activity data. Int J Behav Nutrit Phys Act. 2016;13:14.

 83. Carlson CJ, Albery GF, Merow C, Trisos CH, Zipfel CM, Eskew EA, et al. 
Climate change increases cross‑species viral transmission risk. Nature. 
2022;607(7919):555–62.

 84. Marani M, Katul GG, Pan WK, Parolari AJ. Intensity and fre‑
quency of extreme novel epidemics. Proc Natl Acad Sci U S A. 
2021;118(35):e2105482118.

 85. Zapater‑Fajarí M, Crespo‑Sanmiguel I, Pulopulos MM, Hidalgo V, Sal‑
vador A. Resilience and Psychobiological Response to Stress in Older 
People: The Mediating Role of Coping Strategies. Front Aging Neurosci. 
2021;13:632141.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub‑
lished maps and institutional affiliations.


	Understanding resilience: Lifestyle-based behavioral predictors of mental health and well-being in community-dwelling older adults during the COVID-19 pandemic
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Background
	Methods
	Setting
	ACT study overview
	ACT COVID-19 pandemic survey procedures
	Predictors
	Demographic predictors
	Health and function predictors
	Lifestyle behavior predictors

	Quantitative outcome measures
	Qualitative data
	Statistical analyses
	Qualitative analysis

	Results
	Participant characteristics
	Pre-pandemic vs. mid-pandemic descriptive findings
	Predictors of pandemic mental health & wellbeing
	Depressive symptoms
	Social support
	Fatigue

	Qualitative findings
	Depressive symptoms
	Social support
	Fatigue


	Discussion
	Strengths & limitations

	Conclusions
	Acknowledgements
	References


